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Abstract 

Background: Patients with lung adenocarcinoma (LUAD) may be more predisposed to coronavirus disease 2019 
(COVID-19) and have a poorer prognosis. Currently, there is still a lack of effective anti-LUAD/COVID-19 drugs. Thus, 
this study aimed to screen for an effective anti-LUAD/COVID-19 drug and explore the potential mechanisms.

Methods: Firstly, we performed differentially expressed gene (DEG) analysis on LUAD transcriptome profiling data 
in The Cancer Genome Atlas (TCGA), where intersections with COVID-19-related genes were screened out. Then, we 
conducted Cox proportional hazards analyses on these LUAD/COVID-19 DEGs to construct a risk score. Next, LUAD/
COVID-19 DEGs were uploaded on Connectivity Map to obtain drugs for anti-LUAD/COVID-19. Finally, we used net-
work pharmacology, molecular docking, and molecular dynamics (MD) simulation to explore the drug’s therapeutic 
targets and potential mechanisms for anti-LUAD/COVID-19.

Results: We identified 230 LUAD/COVID-19 DEGs and constructed a risk score containing 7 genes (BTK, CCL20, FURIN, 
LDHA, TRPA1, ZIC5, and SDK1) that could classify LUAD patients into two risk groups. Then, we screened emetine as 
an effective drug for anti-LUAD/COVID-19. Network pharmacology analyses identified 6 potential targets (IL6, DPP4, 
MIF, PRF1, SERPING1, and SLC6A4) for emetine in anti-LUAD/COVID-19. Molecular docking and MD simulation analyses 
showed that emetine exhibited excellent binding capacities to DDP4 and the main protease (Mpro) of severe acute 
respiratory syndrome coronavirus 2 (SARS-CoV-2).

Conclusions: This study found that emetine may inhibit the entry and replication of SARS-CoV-2 and enhance tumor 
immunity by bounding to DDP4 and Mpro.
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Background
Coronavirus disease 19 (COVID-19) is caused by severe 
acute respiratory syndrome coronavirus 2 (SARS-CoV-2), 
a novel virus that can be transmitted from one person 
to another [1]. By January 3, 2022, more than 290 mil-
lion individuals worldwide have been diagnosed with 
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COVID-19, and more than 5.4 million of these patients 
have died [2]. Although some drugs have been used 
against COVID-19, such as paxlovid, molnupiravir [3], 
and monoclonal antibodies against SARS-CoV-2 [4], 
there is still a lack of effective specific anti-COVID-19 
drugs [5], especially when COVID-19 is combined with 
some other diseases. Therefore, we need to screen and 
validate potential bioactive drugs against COVID-19. 
Additionally, lung cancer patients may be at an increased 
risk of contracting SARS-CoV2 than individuals without 
cancer, and these cancer patients with COVID-19 show 
a worse prognosis [6]. Generally, lung cancer patients 
exhibit multiple immune abnormalities [7], which 
would affect the efficacy of anti-COVID-19 treatment. 
Lung cancer ranks as the second most prevalent malig-
nancy worldwide in terms of incidence and mortality, in 
which lung adenocarcinoma (LUAD) is the subtype that 
accounts for approximately 40 percent [8–10]. Consid-
ering that the LUAD patients are more predisposed to 
COVID-19 and have a worse prognosis, we should screen 
for effective therapeutic drugs.

Emetine is a plant-derived alkaloid that was earlier used 
as an antiprotozoal and emetic agent [11]. Recent studies 
have shown that emetine exhibited antitumor effects in 
various cancers through various pathways. For example, 
emetine sensitizes ovarian and bladder cancer cells to cis-
platin [12, 13], and emetine exhibits anticancer activity in 
breast cancer and non-small cell lung cancer (NSCLC) 
cells [14, 15]. In addition, emetine can decrease contract-
ing Zika and Ebola viruses by suppressing the replica-
tion and invasion of viruses [16]. Recently, some studies 
on COVID-19 have suggested that emetine may inhibit 
SARS-CoV-2 by binding to its main protease (Mpro) [17] 
and papain-like protease (PLpro) [18], while others have 
suggested that emetine exerts anti-COVID-19 effects in 
other ways [19–21]. The SARS-CoV-2 genome encodes 
two proteases: PLpro and Mpro, and they are potential 
drug targets. PLpro is involved in forming the corona-
virus replicase complex and viral RNA replication and 
transcription [22]. At the same time, Mpro is required to 
process the polypeptides produced by viral RNA transla-
tion [23]. Given the above controversial findings, eme-
tine’s pharmacological targets and potential mechanisms 
against LUAD/COVID-19 remain further investigated.

The present study aimed to screen for effective drugs 
to treat LUAD/COVID-19 and investigate the poten-
tial mechanisms. Using bioinformatics analyses, we 
firstly built a risk score according to LUAD/COVID-
19 differential expression genes (DEGs) to predict the 
prognosis of LUAD patients in The Cancer Genome 
Atlas (TCGA), and we screened emetine as a possi-
ble anti-LUAD/COVID-19 drug. Then, we identified 
the emetine’s targets via network pharmacology and 

explored the potential mechanisms of emetine against 
LUAD/COVID-19 by molecular docking and molecu-
lar dynamics (MD) simulation. The flow chart for this 
research is shown in Fig. 1.

Methods
Identification of LUAD/COVID‑19 DEGs
We downloaded the transcriptome profiling data of 
LUAD from the TCGA database (October 1, 2021) [24]. 
The R package “limma” was utilized to conduct the 
difference analysis of the LUAD transcriptome profil-
ing data, where the filtering conditions were | log (fold 
change) | > 1 and false discovery rate < 0.05. Then, we 
downloaded and screened COVID-19-related genes 
from the OMIM database, GeneCards database (rel-
evance score > 1), and the NCBI gene database. Finally, 
we obtained the LUAD/COVID-19 DEGs by taking the 
intersection of the COVID-19-related genes with the 
DEGs of LUAD [25].

Clinical prognostic analysis of LUAD/COVID‑19 DEGs
We conducted the univariate Cox regression analysis to 
assess the correlation of each LUAD/COVID-19 gene 
with the survival status of LUAD sufferers. P-value < 
0.01 was considered related to the patients’ prognosis in 
LUAD. Then, we performed the multivariate Cox regres-
sion analysis on the prognosis-related genes obtained 
above and constructed a risk score. The risk score for-
mula is risk score = 7

i
Xi ∗ Yi (X: gene expression level; 

Y: coefficient). According to the risk score at the median, 
we classified LUAD patients as high and low risk. Moreo-
ver, we performed the Kaplan-Meier analysis to compare 
the overall survival time of the two subgroups. Also, we 
performed a principal component analysis utilizing the 
“prcomp” function in the R programming language. The 
ROC curve analyses were performed utilizing the R pack-
ages, including “survival,” “survminer,” and “timeROC” 
[26]. Additionally, we compared the association of each 
gene in the risk score with distinct clinical characteris-
tics, including age, gender, stage, T, N, and M.

Screening of anti‑LUAD/COVID‑19 drugs
We used the “Perl” language to convert the up- and 
downregulated LUAD/COVID-19 DEGs into the cor-
responding probe IDs, and we uploaded the obtained 
probe IDs to the Connectivity Map (cMap) website [27]. 
By querying in cMap, drugs with similar or opposite 
expressed gene patterns were available. Then, the P-value 
< 0.05 and enrichment value < 0 were used to screen anti-
LUAD/COVID-19 drugs.
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Target network construction for emetine and LUAD/
COVID‑19
We screened and collected possible human targets 
of emetine from available online tools such as HERB, 
TargetNet, Batman, PharmMapper, PubChem, Similar-
ity ensemble approach, and ChEMBL. The genes cor-
responding to targets of emetine were compared with 
LUAD/COVID-19 DEGs, and the protein-protein inter-
action network of intersecting genes was obtained in 
the STRING database (version 11.5). The network ana-
lyzer setting in the Cytoscape software (version 3.7.2) 
was utilized to analyze the topological parameters.

Functional enrichment analysis and network visualization
Gene Ontology (GO) and Kyoto Encyclopedia of Genes 
and Genomes (KEGG) analyses and visualization of the 
intersecting genes of emetine and LUAD/COVID-19 
were performed using the R package “ClusterProfiler.” 
The outputs of the enrichment analyses were presented 
as bar plots. In addition, the Cytoscape software was 
utilized to construct the emetine-targets-GO function-
KEGG pathway-LAUD/COVID-19 network.

Redocking
To examine the reliability of autodock vina’s prediction of 
drug and target binding patterns, we used the redocking 
method to validate the molecular docking method and 
parameters. We separated the native ligand and recep-
tor in the co-crystal structure, preprocessed them using 
AutoDockTools, and finally performed molecular dock-
ing. We used the “align” command in PyMOL to calculate 
the RMSD of the ligand conformation predicted by auto-
dock vina with the ligand conformation in the co-crystal 
structure. The redocking protocol was considered valid 
for RMSD < 2 Å [28, 29].

Molecular docking
To assess whether emetine can bind to SARS-CoV-2 
Mpro, we used a molecular docking approach to pre-
dict the potential binding sites of emetine. From the 
PubChem database, we downloaded the molecular struc-
ture of emetine [30]. The protein structures of Mpro 
and DDP4 were obtained from the PDB database [31]. 
The PDB ID of Mpro is 6LZE [32, 33], and the PDB ID 
of DDP4 is 4PNZ [34, 35]. We used the ChemBio3D 
Ultra 2014 wizard software to add hydrogen atoms 

Fig. 1 Flow chart of the study. *HERB, TargetNet, Batman, PharmMapper, PubChem, Similarity ensemble approach (SEA), and ChEMBL
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and minimize energy to small-molecule structures. 
Before molecular docking, the ligand and receptor were 
prepared using AutoDockTools-1.5.7, which mainly 
involved removing water molecules from the recep-
tor, adding hydrogen atoms, and generating coordinate 
files. At the same time, the ligands were detected root, 
chose torsions, and generated coordinate files [36, 37]. 
Then, we generated the grid box based on the receptor 
active site, and the size and coordinates of the grid box 
are as follows. The coordinates x = − 16.24, y = 21.64, 
and z = 68.796 were considered the center of the grid 
at the active site of Mpro with dimensions of 30.0, 38.0, 
and 38.0, respectively. This pocket of Mpro includes the 
active site confirmed by previous work, which is occu-
pied by amino acids ASN142, CYS44, CYS145, GLY143, 
GLU166, GLN189, GLN192, HIS163, HIS164, HIS172, 
HIS41, LEU27, LEU141, MET49, PRO52, PHE140, 
PHE181, SER139, THR24, THR26, and THR190 [38, 39]. 
The coordinates x = 44.995, y = 52.024, and z = 40.079 
were considered the center of the grid at the active site 
of DDP4 with dimensions of 52.0, 54.0, and 52.0, respec-
tively. This pocket of DDP4 includes amino acid residues 
from the active site of DDP4, including HIS740, SER630, 
ARG125, GLU205, GLU206, TYR547, PHE347, SER209, 
TYR585, and ARG348 [34, 40]. The other parameters 
were set as follows: exhaustiveness = 10, models = 20, 
and energy range = 4. A root mean square deviation 
(RMSD) cluster analysis, which used an RMSD-tolerance 
of 2.0 Å, was performed using the ligand atoms only. 
The Autodock Vina program was utilized to accomplish 
molecular docking [41]. We used PyMOL to visualize the 
results and show the receptor residues and the hydrogen 
bonds between protein ligands and receptors [42].

MD simulation
We performed 100 ns MD simulations of the protein-
ligand complexes obtained by molecular docking and 
compared them with the corresponding co-crystal inhib-
itors in each case [43]. This study used the GROMACS 
software (2020.6-MODIFIED version) running on Linux 
operating system [44]. The results were visualized using 
the QTGrace software [45]. The AMBER99SB-ILDN 
force field was used to generate the protein topology. 
AmberTools and ACPYPE were used to create GAFF 
force fields and parameters for the ligands, and the AM1-
bcc charges were calculated using the antechamber 
program [46]. The TIP 3-point solvent model was used 
to solvate each system, then neutralized with appropri-
ate amounts of Na and Cl+-. Energy minimization was 
used to minimize the overall potential energy of the 
protein and ligand [47]. The energy of each system was 
minimized by using the steepest descent minimization 
algorithm that stopped minimization at > 50,000 steps 

and a maximum force <10.0 kJ/mol. Each system under-
went a 100-ps NVT equilibration and a 200-ps NPT equi-
libration process. We equilibrated the system by NPT at 
1 bar pressure and 300K temperature [48, 49]. Particle 
mesh Ewald was used to treat long-range electrostatics, 
and the Fourier transform grid spacing was set to 0.16. 
However, solvent molecules were allowed to move freely 
to establish solvent equilibrium in the system.

MD simulations were performed for each equilibrium 
system for 100 ns with a time step of 2 fs. Structural coor-
dinates were saved every 10 ps. Various parameters such 
as RMSD and root mean square fluctuation (RMSF) were 
calculated for 100 ns MD [50]. To evaluate the stability of 
protein-ligand complexes in 100 ns MD simulations, we 
examined the formation of hydrogen bonds during 100 
ns and generated the hydrogen bond (H-bond) monitor-
ing reports [47]. In addition, to quantify the strength of 
the interaction between the ligands and the proteins, we 
calculated the non-bonded interaction energy between 
the proteins and the ligands using GROMACS [51]. The 
cutoff values of short-range electrostatic interactions and 
Van Der Waals (Vdw) were 1.2 nm.

Results
Identification of LUAD/COVID‑19 DEGs
We identified 9998 DEGs from the LUAD transcriptome 
profiling in the TCGA database (Fig. 2A). Then, we col-
lected 1407 COVID-19-related genes from the data-
bases (Fig. 2A, Additional file 1). Finally, 230 intersecting 
genes were found in the COVID-19 and LUAD gene 
clusters (Fig. 2A). Moreover, 130 genes out of 230 DEGs 
were highly expressed, while the other 100 were lowly 
expressed in tumor tissues (Fig. 2B, Additional file 2).

Clinical prognostic analysis of LUAD/COVID‑19 DEGs
For clinical prognostic analysis, we collected clinical 
information on LUAD patients in TCGA (Table  1), of 
whom 504 patients had complete survival times and gene 
expression profiles. Then, the Cox proportional hazards 
analyses were performed on the 230 LUAD/COVID-19 
DEGs to explore the correlation between these genes and 
the clinical prognosis of the LUAD patients. The results 
of the univariate Cox regression analysis showed that 39 
LUAD/COVID-19 DEGs were significantly associated 
with patient prognosis (P < 0.01) (Fig.  3A, Additional 
file 3). Then, the multivariate Cox regression analysis was 
conducted on the 39 prognosis-related DEGs, and we 
constructed a risk score consisting of 7 genes, including 
BTK, CCL20, FURIN, LDHA, TRPA1, ZIC5, and SDK1 
(Fig. 3B, Table 2). The principal component analysis con-
firmed that LUAD patients were classified into two dis-
tinct risk subgroups (Fig.  3C). Furthermore, compared 
with the group at low risk, mortality was higher and 
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survival time was shorter in the high-risk group (Fig. 3D, 
E, P < 0.001). Meanwhile, we assessed the specificity 
and sensitivity of the risk score using ROC curve analy-
ses, which exhibited the AUC of 0.709 at 1 year, 0.722 at 

3 years, and 0.685 at 5 years (Fig. 3F). We compared the 
risk scores of patients with distinct clinical features. The 
results demonstrated that the risk scores for patients in 
stages III–IV are higher than those for patients in stages 

Fig. 2 Identification of LUAD/COVID-19 DEGs. A The intersection of LUAD DEGs and COVID-19-related genes. B Volcano plot of intersecting DEGs

Table 1 Baseline characteristics of LUAD patients in TCGA 

LUAD lung adenocarcinoma, TCGA  The Cancer Genome Atlas

All (n = 522) Alive (n = 334) Dead (n = 188) Poverall

Age, years 0.678

 > 65, n (%) 262 (50.2%) 163 (48.8%) 99 (52.7%)

 ≤ 65, n (%) 241 (46.2%) 159 (47.6%) 82 (43.6%)

 Unknown, n (%) 19 (3.64%) 12 (3.59%) 7 (3.72%)

Gender 0.668

 Female, n (%) 280 (53.6%) 182 (54.5%) 98 (52.1%)

 Male, n (%) 242 (46.4%) 152 (45.5%) 90 (47.9%)

Stage < 0.001

 Stages I–II, n (%) 403 (77.2%) 280 (83.8%) 123 (65.4%)

 Stages III–IV, n (%) 111 (21.3%) 48 (14.4%) 63 (33.5%)

 Unknown, n (%) 8 (1.53%) 6 (1.80%) 2 (1.06%)

T 0.005

 T1–2, n (%) 453 (86.8%) 301 (90.1%) 152 (80.9%)

 T3–4, n (%) 66 (12.6%) 32 (9.58%) 34 (18.1%)

 Unknown, n (%) 3 (0.57%) 1 (0.30%) 2 (1.06%)

N < 0.001

 N0, n (%) 335 (64.2%) 245 (73.4%) 90 (47.9%)

 N1-3, n (%) 175 (33.5%) 81 (24.3%) 94 (50.0%)

 Unknown, n (%) 12 (2.30%) 8 (2.40%) 4 (2.13%)

M 0.003

 M0, n (%) 353 (67.6%) 219 (65.6%) 134 (71.3%)

 M1, n (%) 25 (4.79%) 10 (2.99%) 15 (7.98%)

 Unknown, n (%) 144 (27.6%) 105 (31.4%) 39 (20.7%)
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Fig. 3 Construction of a risk score. A Univariate Cox analysis of LUAD/COVID-19 DEGs. B Multivariate Cox analysis of LUAD/COVID-19 DEGs. C PCA 
plot of LUAD patients. D The median risk score and the distributions of survival status. E Kaplan-Meier analysis for the two different risk groups. F 
ROC of the risk score
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I–II, further confirmed by T and N stages (Fig.  4). Fur-
thermore, the analyses of these 7 gene expression levels 
between different clinical features suggested that patients 
with advanced-stage LUAD had lower expression of BTK 
and SDK1 and higher expression of CCL20, LDHA, and 
ZIC5. Moreover, the expressed levels of BTK, SDK1, 
CCL20, LDHA, and ZIC5 correlated with regional lymph 
node metastasis (Fig. 5).

Screening of anti‑LUAD/COVID‑19 drugs
We uploaded 130 upregulated and 100 downregulated 
LUAD/COVID-19 DEGs to cMap for querying, and 

drugs with similar or opposite gene expression patterns 
could be obtained. The obtained drugs were screened 
according to the screening criteria, resulting in 19 
potential anti-LUAD/COVID-19 drugs (Table 3). Then, 
we chose emetine as a promising medication against 
LUAD/COVID-19 for further study.

Target network construction for emetine and LUAD/
COVID‑19
We screened and collected 262 possible human targets 
for emetine from online tools such as HERB, TargetNet, 
Batman, PharmMapper, PubChem, Similarity ensemble 
approach, and ChEMBL. The genes corresponding to 
these targets were compared with 230 LUAD/COVID-19 
DEGs, and 6 intersecting genes were obtained (Fig. 6A), 
including SLC6A4, MIF, DPP4, PRF1, SERPING1, and 
IL6. In addition, we visualized the interaction of these 
intersecting targets and performed a network topology 
analysis (Fig. 6B).

Functional enrichment analysis of intersecting targets
Subsequently, we conducted functional enrichment 
analysis on SLC6A4, MIF, DPP4, PRF1, SERPING1, and 
IL6. The results of GO revealed that the top biological 
process terms were regulation of chemotaxis, leukocyte 

Table 2 Multivariate Cox proportional hazards regression 
analysis

Symbol coef HR HR.95L HR.95H P‑value

BTK − 0.28547 0.751663 0.601526 0.939275 0.012038

CCL20 0.100563 1.105793 1.023249 1.194996 0.011066

FURIN 0.121873 1.12961 0.998889 1.277439 0.052107

LDHA 0.326232 1.385737 1.104652 1.738345 0.004795

TRPA1 0.894946 2.447203 1.61896 3.699167 2.18E-05

ZIC5 0.381837 1.464974 0.983117 2.183004 0.060615

SDK1 -0.19845 0.820004 0.708347 0.949261 0.007879

Fig. 4 Clinical prognostic analysis of the risk score. A–F The relationship of risk scores and age, gender, stage, T, N, and M in LUAD patients
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chemotaxis, and cell chemotaxis, and the top cellu-
lar component terms were the cell-substrate junction, 
focal adhesion, and vesicle lumen. Furthermore, the top 
molecular function terms were signaling receptor activa-
tor activity and receptor-ligand activity (Fig.  6C, Addi-
tional file  4). Also, the results of the KEGG pathway 
analysis showed that the 6 genes were significantly related 
to the cytosolic DNA-sensing pathway, the intestinal 
immune network for IgA production, tyrosine metabo-
lism, phenylalanine metabolism, pertussis, graft-versus-
host disease, viral myocarditis, legionellosis, autoimmune 
thyroid disease, malaria, type I diabetes mellitus, allograft 

rejection, African trypanosomiasis and antifolate resist-
ance (Fig.  6D, Additional file  5). In addition, we used 
the Cytoscape software to map the network of emetine 
against LUAD/COVID-19 targets and the interactions of 
related pathways (Fig. 10).

Redocking
Initially, we performed redocking of the native ligand 
and protein in co-crystal to validate the molecular dock-
ing scheme. The redocking results showed that inhibitor 
11a had an RMSD value of 0.712 Å after redocking on 

Fig. 5 Clinical prognostic analysis of genes in the risk score. A, B The relationship of BTK and LDHA with stage in LUAD patients. C, D The 
relationship of BTK and SDK1 with T in LUAD patients. E–I The relationship of BTK, ZIC5, LDHA, CCL20, and SDK1 with N in LUAD patients
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Mpro (Table 4). Moreover, inhibitor 11a formed 6 hydro-
gen bonds with amino acid residues of Mpro, including 
HIS-163, PHE-140, GLY-143, and GLU-166 (affinity − 8.3 
kcal/mol, Fig.  7A, Table  4). Omarigliptin had an RMSD 
value of 0.790 Å after redocking on DDP4 (Table 4), and 
omarigliptin formed 6 hydrogen bonds with the amino 
acid residues of DDP4, including TYR-662, TYR-547, 
GLU-205, GLU-206, and SER209 (affinity − 9.2 kcal/mol, 
Fig. 7C, Table 4).

Molecular docking
To further explore the potential efficacy of emetine 
against LUAD/COVID-19, we performed molecular 
docking analyses of emetine with Mpro and candidate 
targets, and emetine formed 2 hydrogen bonds with 
amino acid residues of Mpro, including GLU-166 and 
ASN-142 (Fig.  7B), which indicated that emetine had 
good binding activity to Mpro (affinity − 7.8 kcal/mol, 
Table 5). In addition, we evaluated the potential bindings 
of emetine with the LUAD/COVID-19 targets (SLC6A4, 
MIF, DPP4, PRF1, SERPING1, and IL6). The molecular 
docking suggested that emetine may bind with DDP4 and 
MIF, whereby emetine had the best binding activity to 
DDP4. Emetine formed 3 hydrogen bonds with the amino 
acid residues of DDP4, including TYR547, TYR585, and 
GLN553, where TYR547 was also the hydrogen bond 

formed by the native ligand binding to DDP4 (affinity 
− 8.7 kcal/mol, Fig.  7D, Table  5). This result indicated 
that emetine had an excellent binding ability to DDP4. 
In addition, the binding pattern and binding capacity of 
emetine and MIF are shown in Additional file 6.

MD simulation
RMSD analysis
To study the conformational stability of the complexes 
of proteins and ligands obtained by molecular dock-
ing, we performed the 100-ns MD simulations. RMSD 
reflects the degree of the positional change of the molec-
ular structure over time. MD simulations showed that 
in the Mpro-inhibitor 11a complex system, Mpro exhib-
ited good stability within 40 ns with an average RMSD 
< 0.2 nm. During 40–60 ns, the RMSD value fluctuated 
with a maximum value of 0.45 nm, while during 60–100 
ns, Mpro stabilized again, fluctuating between 0.14 and 
0.35 nm with an average RMSD of 0.21 nm (Fig. 8A). In 
the MD simulation of the Mpro-emetine complex sys-
tem, Mpro showed good stability, and the RMSD was in 
the range of 0.1–0.3 nm with an average value of 0.2 nm 
during the whole 100 ns (Fig. 8A). Figure 8B showed the 
RMSD fluctuations of DDP4 in the complexes formed 
with native ligand (omarigliptin) and emetine, respec-
tively. Although in the DDP4-omarigliptin system, DDP4 
showed large fluctuations within 40 ns, with a maximum 
RMSD of 0.28 nm, it was stable from 40 to 100 ns, fluctu-
ating from 0.14 to 0.24 nm with an average value of 0.18 
nm (Fig. 8B). In the DDP4-emetine system, the RMSD of 
DDP4 was in the range of 0.08–0.23 nm with an average 
value of 0.17 nm (Fig. 8B).

Figure 8C, D showed the conformational changes of the 
ligands in each of the four complex systems. As shown 
in Fig. 8C, in the complex system formed with Mpro, the 
RMSD of inhibitor 11a was in the range of 0.04–0.38 nm, 
where it fluctuated in the range of 0.04–0.32 nm within 
50 ns, 0.14–0.35 nm from 50 to 90 ns, and 0.27–0.38 nm 
from 90 to 100 ns (Fig. 8C). The RMSD of emetine was 
in the range of 0.04–0.28 nm, with a mean value of 0.21 
nm, and the overall equilibrium was achieved after 5 ns 
(Fig. 8C). In the complex system formed with DDP4, the 
RMSD of omarigliptin was in equilibrium in the range of 
0.02–0.21 nm at an early stage and was maintained until 
100 ns (Fig. 8D), and the RMSD of emetine was in equi-
librium at 30–100 ns, and the RMSD was in the range of 
0.09–0.29 nm with an average value of 0.21 nm (Fig. 8D).

RMSF and radius of gyration analyses
RMSF can show the degree of free movement of atoms 
and flexibility of amino acid residues in the receptor 
molecule. As shown in Fig. 8E, F, the maximum values of 
RMSF for Mpro and DDP4 were around 0.80 nm and 0.9 

Table 3 Screening for anti-LUAD/COVID-19 drugs based on 
cMap

Rank cMap name Mean Number Enrichment P‑value

1 Puromycin − 0.729 4 − 0.959 0

2 Emetine − 0.522 4 − 0.83 0.00151

3 Glycocholic acid − 0.506 4 − 0.815 0.00211

4 Chicago Sky Blue 6B − 0.337 4 − 0.797 0.00336

5 Nitrofural − 0.297 4 − 0.781 0.00462

6 Cephaeline − 0.36 5 − 0.758 0.00154

7 Pepstatin − 0.326 4 − 0.711 0.0141

8 Cinoxacin − 0.569 4 − 0.711 0.01414

9 4-Hydroxyphena-
zone

− 0.356 5 − 0.702 0.00511

10 Oxymetazoline − 0.502 4 − 0.702 0.01647

11 Primidone − 0.347 4 − 0.671 0.02626

12 Lycorine − 0.34 5 − 0.669 0.00917

13 Parthenolide − 0.548 4 − 0.661 0.02998

14 Sulindac − 0.437 7 − 0.654 0.00178

15 Citalopram − 0.318 4 − 0.642 0.03929

16 N-acetylmuramic 
acid

− 0.322 4 − 0.64 0.03995

17 Tropine − 0.357 4 − 0.639 0.04084

18 Ciclosporin − 0.29 6 − 0.594 0.01577

19 Benzamil − 0.302 6 − 0.542 0.03665
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nm, while most residues fluctuated in the RMSF range 
of 0.04 nm, indicating that some residues of both recep-
tors possessed great flexibility. Overall, the Mpro back-
bone atoms had low oscillations, which to some extent 

described the stable behavior of the protein-ligand com-
plexes. Moreover, compared with native ligands, eme-
tine showed similar fluctuations of amino acid residues 
when binding Mpro and DDP4, indicating the potential 

Fig. 6 Functional identification of the targets of emetine against LUAD/COVID-19. A The intersection of emetine’s targets and LUAD/COVID-19 
DEGs. B PPI network of SLC6A4, MIF, DPP4, PRF1, SERPING1, and IL6. C Bar plot of GO enrichment analysis of intersecting genes. D Bar plot of KEGG 
enrichment analysis of intersecting genes [52–54]
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of emetine binding activity. In addition, we analyzed the 
radii of gyration of Mpro and DDP4, which can reflect 
the compactness of the protein structure. In addition, we 
analyzed the radii of gyration of Mpro and DDP4, which 
can reflect the compactness of the protein structure. 

Compared with native ligands, the radii of gyration of 
emetine when bound to Mpro and DDP4 were compara-
ble and remained at relatively stable values, which indi-
cated the stability of the protein folding conformation 
(Additional file 7).

Table 4 RMSD values after redocking of two ligands on Mpro and DDP4

Protein target PDB code RMSD(A) Native ligand Affinity (kcal/
mol)

Hydrogen bonds Interacting residues

Mpro 6LZE 0.712 Inhibitor 11a − 8.3 6 HIS-163, PHE-140, 
GLY-143, and GLU-
166

DDP4 4PNZ 0.790 Omarigliptin − 9.2 6 TYR-662, TYR-547, 
GLU-205, GLU-206, 
and SER209

Fig. 7 Molecular docking of emetine with SARS-CoV-2 Mpro and DDP4. A The binding site of the original ligand (inhibitor 11a) to Mpro. B 
Hydrogen bonds formed between emetine and Mpro on GLU-166 and ASN-142. C The binding site of the original ligand (omarigliptin) to DDP4. D 
Hydrogen bonds formed between emetine and DDP4 on TYR547, TYR585, and GLN553

Table 5 Assessment of molecular docking of emetine with SARS-CoV-2 Mpro and DDP4

Affinity (kcal/mol) Hydrogen bonds Interacting residues

Mpro

 Emetine − 7.8 2 GLU-166 and ASN-142

DDP4

 Emetine − 8.7 3 TYR547, TYR585, and GLN553
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H‑bond monitoring
To explore the binding stability of the proteins and 
ligands, we evaluated the intermolecular hydrogen bond 

interactions formed during the 100-ns MD simulation. 
During the 100 ns of MD simulation, Mpro-inhibitor 
11a could form up to 7 hydrogen bonds, and after 20 ns, 
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the number of hydrogen bonds was 1–4 (Fig. 9A). Mpro-
emetine could form up to 2 hydrogen bonds and stabilize 
at forming 1 hydrogen bond after 40 ns (Fig. 9B). DDP4-
omarigliptin could form up to 5 hydrogen bonds while 

1–3 hydrogen bonds at 0–50 ns and 3–5 hydrogen bonds 
at 50–100 ns (Fig. 9C). DDP4-emetine could form up to 3 
hydrogen bonds and mainly forms 1–2 hydrogen bonds 
at 0–80 ns (Fig. 9D).
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Protein‑ligand interaction energy
To quantify the strength of the interaction between the 
proteins and ligands, we calculated the non-bonded 
interaction energy between them, including Coulomb 
interactions (Coul) and Van Der Waals interactions. As 
described in Table  6, compared to inhibitor 11a (Coul 
− 67.2 ± 6.6 kJ/mol, Vdw − 168.7 ± 10.0 kJ/mol), the 
interaction energy of emetine with Mpro was higher 
for Coul and lower for Vdw (Coul − 23.9 ± 2.2 kJ/mol, 
Vdw − 174.7 ± 2.5 kJ/mol). In addition, both Coul and 
Vdw were higher in the interaction energy of emetine 
with DDP4 than that of omarigliptin (omarigliptin: Coul 
− 86.6 ± 11.0 kJ/mol, Vdw − 133.3 ± 2.7 kJ/mol; emetine: 
Coul − 27.0 ± 5.9 kJ/mol, Vdw − 108.8 ± 6.4 kJ/mol).

Discussion
COVID-19 is a contagious disease with increasing 
worldwide infection and mortality [2], and specific ther-
apeutic drugs for COVID-19 have not yet been effec-
tively developed [3]. Nowadays, cancer remains one 
of the major contributors to the worldwide burden of 
diseases [55], and of various cancers, lung cancer is the 
dominant cause of cancer incidence and death globally, 
representing 19.4% of cancer-associated mortalities [56]. 
In addition, because lung cancer patients often exhibit 
immune dysfunction [7], they are at higher risk for 
severe COVID-19 outcomes [57]. Taken together, LUAD 
patients may be more vulnerable to SARS-CoV-2, which 
may compromise treatment outcomes and reduce sur-
vival in these patients.

In the present study, we initially screened 230 LUAD/
COVID-19 DEGs. Then, we constructed a risk score con-
sisting of 7 genes (BTK, CCL20, FURIN, LDHA, TRPA1, 
ZIC5, and SDK1). The model showed that the risk of 
death in patients with LUAD increased with increas-
ing risk scores. Furthermore, the prognostic prediction 
model based on this risk score showed satisfactory effi-
ciency for LUAD. The analyses of these 7 gene expression 
levels between different clinical features suggested that 
BTK, SDK1, CCL20, LDHA, and ZIC5 may serve as effec-
tive biomarkers for screening and characterizing patients 
with LUAD/COVID-19 at different stages. In short, the 

230 LUAD/COVID-19 DEGs are likely to be the poten-
tial therapeutic targets. Then, the drug screening results 
on cMap showed that emetine might have a therapeutic 
effect on LUAD/COVID-19. Emetine has been previously 
shown to exert anti-lung cancer effects through multiple 
pathways. For example, emetine can inhibit the invasion 
and migration of NSCLC by regulating the ERK and p38 
pathways [58]. In addition, low doses of emetine alone 
or in combination with ganciclovir have shown satisfac-
tory efficacy in treating human cytomegalovirus [59], and 
some recent studies found that emetine may suppress the 
replication of SARS-CoV-2 through targeting PLpro or 
Mpro [17, 18], and the combination of 0.195 μM emetine 
and 6.25 μM remdesivir was observed to achieve 64.9% 
inhibition of viral yield in Vero E6 cells [60]. Therefore, 
we speculated that emetine might exhibit a powerful 
therapeutic effect in patients with LUAD/COVID-19.

Then, we identified 6 possible targets (SLC6A4, 
MIF, DPP4, PRF1, SERPING1, and IL6) of emetine 
against LUAD/COVID-19 by a network pharmacol-
ogy approach, and the results of functional enrichment 
analysis of these 6 genes suggested that anti-LUAD/
COVID-19 effects of emetine were mediated by anti-
viral and immunomodulation. Mpro is the most char-
acteristic therapeutic target in SARS-CoV-2, and 
inhibiting its activity will hinder viral replication [23]. 
Therefore, we selected Mpro for molecular docking 
with emetine. The result of redocking showed that 
the RMSD of the native ligands of Mpro and DDP4 
was < 2 Å, which indicated that our molecular dock-
ing protocol could effectively predict the binding pat-
tern of emetine and Mpro and DDP4. Previous studies 
identified THR24, PHE140, ASN142, CYS145, THR26, 
GLY143, HIS163, HIS164, GLU166, and HIS172 as 
amino acids located in the Mpro active site [38]. By 
molecular docking analysis, we found that emetine 
interacts with GLU-166 and ASN-142 residues of 
Mpro. The affinity of the native ligand (inhibitor 11a) 
to Mpro was − 8.3 kcal/mol, while the affinity of eme-
tine to Mpro was − 7.8 kcal/mol, which was much 
less than − 1.2 kcal/mol, suggesting that emetine may 
inhibit viral replication by effectively binding to Mpro. 
In addition, the affinity of emetine with DDP4 and 

Table 6 The non-bonded interaction energy between proteins and ligands (kJ/mol)

Coul Coulomb interactions, Vdw Van der Waals interaction

Protein‑ligand complex Coul Vdw Total interaction energy

Mpro-inhibitor 11a − 67.2 ± 6.6 − 168.7 ± 10.0 − 235.9 ± 12.0

Mpro-emetine − 23.9 ± 2.2 − 174.7 ± 2.5 − 198.7 ± 3.3

DDP4-omarigliptin − 86.6 ± 11.0 − 133.3 ± 2.7 − 219.9 ± 11.3

DDP4-emetine − 27.0 ± 5.9 − 108.8 ± 6.4 − 135.8 ± 8.7
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MIF was − 8.7 kcal/mol and − 6.6 kcal/mol, respec-
tively, which were both less than − 1.2 kcal/mol. This 
result suggested that emetine could bind to DDP4 and 
MIF, with better affinity to DDP4. Amino acid residues 
in the active site of DDP4 include HIS740, SER630, 
ARG125, GLU205, GLU206, TYR547, PHE347, 
SER209, TYR585, and ARG348 [34, 40], and GLN553 
was associated with increased inhibitory potency of 
DDP4 inhibitors [61]. We found that emetine may 
interact with TYR547, TYR585, and GLN553.

Next, we performed 100-ns MD simulations of the 
protein-ligand complexes obtained by molecular dock-
ing and compared them with the corresponding co-
crystal inhibitors in each case. The average RMSD of 
the protein in the complex systems of emetine bound 
to Mpro and DDP4 was around 2 Å, while the average 
RMSD of emetine was also around 2 Å. This suggested 
that emetine was tightly bound to the pocket of Mpro 
and DDP4 and therefore has conformational stabil-
ity. The RMSF and radii of gyration of Mpro and DDP4 
confirmed the conformational stability upon binding 
to emetine. H-bond monitoring showed that emetine 
could form relatively stable hydrogen bonds with Mpro 
and DDP4, although the number of hydrogen bonds 
was reasonably smaller than that of the native ligands. 
In addition, the total interaction energy of emetine with 
Mpro and DDP4 was − 198.7 ± 3.3 kJ/mol and − 135.8 
± 8.7 kJ/mol, respectively, which was higher than that 

of native ligands. This suggested that emetine was not 
as tightly bound to the protein as native ligands. How-
ever, this result was enough to further confirm the good 
binding ability of emetine with Mpro and DDP4.

The DGE analysis indicated that DDP4 and MIF were 
upregulated genes, and MIF was related to the survival 
of the patients with LUAD. DPP4 is a serine protease by 
which the N-terminal proline or alanine of many pep-
tides can be hydrolyzed [62]. The role of DPP4 has been 
extensively studied in several cancers. For example, the 
tumor suppressor p53 can restrict colorectal cancer cell 
ferroptosis by inhibiting the activity of DPP4 [63], and 
inhibition of DDP4 activity enhances lymphocyte trans-
portation and improves tumor immunotherapy [64]. 
Interestingly, DDP4 has been little studied in lung cancer. 
In addition, DPP4 is a cellular receptor for Middle East 
respiratory syndrome coronavirus [65]. A recent study 
based on a bioinformatics approach of protein crystal 
structure predicted that DDP4 could be a potential bind-
ing target for SARS-CoV-2 spike protein, which can assist 
the virus in entering the cell [66]. These studies provided 
a supportive explanation for exploring the mechanism 
of emetine anti-LUAD/COVID-19 in our research. We 
hypothesized that, on the one hand, emetine enhanced 
lymphocyte trafficking and improved naturally occur-
ring tumor immunity and immunotherapy by inhibiting 
the activity of DDP4. On the other hand, emetine may 
reduce SARS-CoV-2 entry into cells by binding to DDP4 

Fig. 10 The network of emetine against LUAD/COVID-19 targets and the interactions of related pathways
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and inhibit SARS-CoV-2 replication by binding to Mpro. 
MIF is a cytokine closely associated with cancer and 
functions as a promoter in inflammation, and inhibition 
of MIF can suppress cancer cell proliferation [67]. Also, 
a study confirmed that proteolysis targeting chimera 
designed based on MIF tautomerase active site exhibited 
excellent anti-proliferative activity in lung cancer cells 
[68]. Moreover, exposure to SARS-CoV-2 spike protein 
combined with hypoxia enhanced MIF production [69]. 
Also, MIF can induce lung inflammatory cytokines in 
the COVID-19-induced inflammatory reaction [70]. The 
results suggested that the intersecting genes were likely 
to be effective therapeutic targets of emetine against 
LUAD/COVID-19 (Fig.  10). Taken together, we believe 
that emetine may improve the curative effect of antivirals 
and immunotherapy for anti-COVID-19 or anti-LUAD/
COVID-19, which requires further validation.

However, our study still has some limitations. Firstly, 
the risk score was obtained by retrospective data analysis, 
and prospective studies are needed to validate the model. 
Secondly, the mechanism exploration was done based 
on network pharmacology, molecular docking, and MD 
simulations, which still needs to be validated by animal 
experiments or even clinical trials.

Conclusions
In summary, by bioinformatic analyses, we firstly con-
structed a model for predicting the prognosis of LUAD 
patients. We then screened emetine as a potential drug 
for anti-LUAD/COVID-19 and highlighted antiviral and 
immunomodulation as the critical pathways for emetine 
against LUAD/COVID-19. In addition, the results of net-
work pharmacology, molecular docking, and MD simula-
tions indicated that emetine might reduce SARS-CoV-2 
entry and inhibit SARS-CoV-2 replication by bind-
ing DDP4 and SARS-CoV-2 Mpro, and enhance tumor 
immunity by inhibiting DDP4 activity.

Abbreviations
COVID-19: Coronavirus disease 19; SARS-CoV-2: Severe acute respiratory 
syndrome coronavirus 2; LUAD: Lung adenocarcinoma; TCGA : The Cancer 
Genome Atlas; DEG: Differentially expressed gene; NSCLC: Non-small cell lung 
cancer; PLpro: Papain-like protease; Mpro: Main protease; GO: Gene Ontology; 
KEGG: Kyoto Encyclopedia of Genes and Genomes; RMSD: Root mean square 
deviation; RMSF: Root mean square fluctuation; MD: Molecular dynamics; 
H-bond: Hydrogen bond.

Supplementary Information
The online version contains supplementary material available at https:// doi. 
org/ 10. 1186/ s12885- 022- 09763-2.

Additional file 1. Genes related to COVID-19.

Additional file 2. Intersection genes of LUAD DEGs and COVID-19-related 
genes.

Additional file 3. Univariate Cox proportional hazards regression analysis 
of the intersecting genes of COVID-19 and LUAD.

Additional file 4. GO enrichment analysis of the targets of emetine 
against LUAD/COVID-19.

Additional file 5. KEGG enrichment analysis of the emetine’s anti-LUAD/
COVID-19 targets.

Additional file 6. Molecular docking of emetine with MIF.

Additional file 7. Radii of gyration of Mpro and DDP4.

Additional file 8. The redocking files.

Acknowledgements
The authors would like to thank the TCGA networks for providing the 
main data.

Authors’ contributions
KZ and MC conceived and designed the experiments. KZ, KW, CZ, XT, and 
DL carried out the data collection and analysis. KZ and MC drafted the 
manuscript. All authors contributed to the article and approved the submitted 
version.

Funding
Not applicable.

Availability of data and materials
The datasets generated and/or analyzed during the current study are available 
in the figshare repository, https:// doi. org/ 10. 6084/ m9. figsh are. 19126 205

Declarations

Ethics approval and consent to participate
Not applicable.

Consent for publication
Not applicable.

Competing interests
The authors declare that they have no competing interests.

Received: 27 January 2022   Accepted: 8 June 2022
Published: 22 June 2022

References
 1. The Novel Coronavirus Pneumonia Emergency Response Epidemiol-

ogy T. The epidemiological characteristics of an outbreak of 2019 
novel coronavirus diseases (COVID-19) - China, 2020. China CDC Wkly. 
2020;2(8):113–22.

 2. Hopkins J. COVID-19 Dashboard by the Center for Systems Science and 
Engineering (CSSE) at Johns Hopkins University (JHU) 2022 [Available 
from: https:// coron avirus. jhu. edu/ map. html.

 3. Faiza M, Neha N. 516. Evaluation of COVID-19 monoclonal antibody 
therapies for the treatment of non-hospitalized patients with COVID-19. 
Open Forum Infectious Diseases. 2021;8(Suppl 1):360.

 4. Hurt AC, Wheatley AK. Neutralizing antibody therapeutics for COVID-19. 
Viruses. 2021;13(4):628.

 5. Shohan M, Nashibi R, Mahmoudian-Sani MR, Abolnezhadian F, Ghafou-
rian M, Alavi SM, et al. The therapeutic efficacy of quercetin in combina-
tion with antiviral drugs in hospitalized COVID-19 patients: a randomized 
controlled trial. Eur J Pharmacol. 2022;914:174615.

 6. Liang W, Guan W, Chen R, Wang W, Li J, Xu K, et al. Cancer patients in 
SARS-CoV-2 infection: a nationwide analysis in China. Lancet Oncol. 
2020;21(3):335–7.

 7. Dasanu CA, Sethi N, Ahmed N. Immune alterations and emerging 
immunotherapeutic approaches in lung cancer. Expert Opin Biol Ther. 
2012;12(7):923–37.

https://doi.org/10.1186/s12885-022-09763-2
https://doi.org/10.1186/s12885-022-09763-2
https://doi.org/10.6084/m9.figshare.19126205
https://coronavirus.jhu.edu/map.html


Page 17 of 18Zhang et al. BMC Cancer           (2022) 22:687 
 

 8. Sung H, Ferlay J, Siegel RL, Laversanne M, Soerjomataram I, Jemal A, et al. 
Global Cancer Statistics 2020: GLOBOCAN estimates of incidence and 
mortality worldwide for 36 cancers in 185 countries. CA Cancer J Clin. 
2021;71(3):209–49.

 9. Siegel RL, Miller KD, Jemal A. Cancer statistics, 2020. CA Cancer J Clin. 
2020;70(1):7–30.

 10. Myers DJ, Wallen JM. Lung Adenocarcinoma. [Updated 2021 Sep 10]. In: 
StatPearls [Internet]. Treasure Island: StatPearls Publishing; 2022. Available 
from: https:// www. ncbi. nlm. nih. gov/ books/ NBK51 9578/.

 11. Upcroft P, Upcroft JA. Drug targets and mechanisms of resistance in the 
anaerobic protozoa. Clin Microbiol Rev. 2001;14(1):150–64.

 12. Sun Q, Yogosawa S, Iizumi Y, Sakai T, Sowa Y. The alkaloid emetine 
sensitizes ovarian carcinoma cells to cisplatin through downregulation of 
bcl-xL. Int J Oncol. 2015;46(1):389–94.

 13. Davidson VJ, Patel D, Flanigan R, Gupta GN, Foreman KE. Emetine reduces 
the effective dose of cisplatin or carboplatin required to inhibit bladder 
cancer cell proliferation. Bladder. 2017;4(4):e31.

 14. Wu TH, Chang SY, Shih YL, Huang TW, Chang H, Lin YW. Emetine syner-
gizes with cisplatin to enhance anti-cancer efficacy against lung cancer 
cells. Int J Mol Sci. 2019;20(23):5914.

 15. Sun Q, Fu Q, Li S, Li J, Liu S, Wang Z, et al. Emetine exhibits anticancer 
activity in breast cancer cells as an antagonist of Wnt/β-catenin signaling. 
Oncol Rep. 2019;42(5):1735–44.

 16. Yang S, Xu M, Lee EM, Gorshkov K, Shiryaev SA, He S, et al. Emetine 
inhibits Zika and Ebola virus infections through two molecular mecha-
nisms: inhibiting viral replication and decreasing viral entry. Cell Discov. 
2018;4:31.

 17. Sisakht M, Mahmoodzadeh A, Darabian M. Plant-derived chemicals as 
potential inhibitors of SARS-CoV-2 main protease (6LU7), a virtual screen-
ing study. Phytother Res. 2021;35(6):3262–74.

 18. Snoussi M, Redissi A, Mosbah A, De Feo V, Adnan M, Aouadi K, et al. 
Emetine, a potent alkaloid for the treatment of SARS-CoV-2 targeting 
papain-like protease and non-structural proteins: pharmacokinet-
ics, molecular docking and dynamic studies. J Biomol Struct Dyn. 
2021;13:1–14.

 19. Sauvat A, Ciccosanti F, Colavita F, Di Rienzo M, Castilletti C, Capobianchi 
MR, et al. On-target versus off-target effects of drugs inhibiting the repli-
cation of SARS-CoV-2. Cell Death Dis. 2020;11(8):656.

 20. Khalifa SAM, Yosri N, El-Mallah MF, Ghonaim R, Guo Z, Musharraf SG, et al. 
Screening for natural and derived bio-active compounds in preclinical 
and clinical studies: one of the frontlines of fighting the coronaviruses 
pandemic. Phytomedicine. 2021;85:153311.

 21. Muhammed Y, Yusuf Nadabo A, Pius M, Sani B, Usman J, Anka Garba N, 
et al. SARS-CoV-2 spike protein and RNA dependent RNA polymerase 
as targets for drug and vaccine development: a review. Biosaf Health. 
2021;3(5):249–63.

 22. Shin D, Mukherjee R, Grewe D, Bojkova D, Baek K, Bhattacharya A, et al. 
Papain-like protease regulates SARS-CoV-2 viral spread and innate immu-
nity. Nature. 2020;587(7835):657–62.

 23. Zhang L, Lin D, Sun X, Curth U, Drosten C, Sauerhering L, et al. Crystal 
structure of SARS-CoV-2 main protease provides a basis for design of 
improved α-ketoamide inhibitors. Science. 2020;368(6489):409–12.

 24. Institute NC. Genomic Data Commons Data Portal 2021 [Available from: 
https:// portal. gdc. cancer. gov/ repos itory.

 25. Li R, Li Y, Liang X, Yang L, Su M, Lai KP. Network pharmacology and bioin-
formatics analyses identify intersection genes of niacin and COVID-19 as 
potential therapeutic targets. Brief Bioinform. 2021;22(2):1279–90.

 26. Fisher LD, Lin DY. Time-dependent covariates in the Cox proportional-
hazards regression model. Annu Rev Public Health. 1999;20:145–57.

 27. Lamb J, Crawford ED, Peck D, Modell JW, Blat IC, Wrobel MJ, et al. The 
Connectivity Map: using gene-expression signatures to connect small 
molecules, genes, and disease. Science. 2006;313(5795):1929–35.

 28. Zubair MS, Anam S, Khumaidi A, Susanto Y, Ridhay A. Molecular docking 
approach to identify potential anticancer compounds from Begonia 
(Begonia sp); 2016.

 29. Zubair MS, Maulana S, Widodo A, Mukaddas A, Pitopang R. Docking 
study on anti-HIV-1 activity of secondary metabolites from Zingiberaceae 
plants. J Pharm Bioallied Sci. 2020;12(Suppl 2):S763–s7.

 30. Kim S, Chen J, Cheng T, Gindulyte A, He J, He S, et al. PubChem in 2021: 
new data content and improved web interfaces. Nucleic Acids Res. 
2021;49(D1):D1388–d95.

 31. Burley SK, Berman HM, Kleywegt GJ, Markley JL, Nakamura H, Velankar 
S. Protein Data Bank (PDB): he single global macromolecular structure 
archive. Methods Mol Biol. 2017;1607:627–41.

 32. Dai W, Zhang B, Jiang XM, Su H, Li J, Zhao Y, et al. Structure-based design 
of antiviral drug candidates targeting the SARS-CoV-2 main protease. 
Science. 2020;368(6497):1331-1335 doi: 10.126/science.abb4489.

 33. Zhang B, Zhang Y, Jing Z, Liu X, Yang H, Liu H, et al. The crystal structure of 
COVID-19 main protease in complex with an inhibitor 11a. 2020. https:// 
doi. org/ 10. 2210/ pdb6l ze/ pdb.

 34. Biftu T, Sinha-Roy R, Chen P, Qian X, Feng D, Kuethe JT, et al. Omarigliptin 
(MK-3102): a novel long-acting DPP-4 inhibitor for once-weekly treat-
ment of type 2 diabetes. J Med Chem. 2014;57(8):3205–12. https:// doi. 
org/ 10. 1021/ jm401 992e.

 35. Scapin G, Yan Y. Human dipeptidyl peptidase IV/CD26 in complex with 
the long-acting inhibitor Omarigliptin (MK-3102). 2014. https:// doi. org/ 
10. 2210/ pdb4p nz/ pdb.

 36. Morris GM, Huey R, Lindstrom W, Sanner MF, Belew RK, Goodsell DS, et al. 
AutoDock4 and AutoDockTools4: automated docking with selective 
receptor flexibility. J Comput Chem. 2009;30(16):2785–91.

 37. Lokhande KB, Nagar S, Swamy KV. Molecular interaction studies of 
Deguelin and its derivatives with cyclin D1 and cyclin E in can-
cer cell signaling pathway: the computational approach. Sci Rep. 
2019;9(1):1778.

 38. Khaerunnisa S, Kurniawan H, Awaluddin R, Suhartati S, Soetjipto S. Poten-
tial inhibitor of COVID-19 main protease (Mpro) from several medicinal 
plant compounds by molecular docking study; 2020.

 39. Lokhande KB, Doiphode S, Vyas R, Swamy KV. Molecular docking and 
simulation studies on SARS-CoV-2 M (pro) reveals mitoxantrone, leu-
covorin, birinapant, and dynasore as potent drugs against COVID-19. J 
Biomol Struct Dyn. 2021;39(18):7294–305.

 40. Patil RB, Barbosa EG, Sangshetti JN, Zambre VP, Sawant SD. Structural 
insights of dipeptidyl peptidase-IV inhibitors through molecular 
dynamics-guided receptor-dependent 4D-QSAR studies. Mol Divers. 
2018;22(3):575–83.

 41. Trott O, Olson AJ. AutoDock Vina: improving the speed and accuracy of 
docking with a new scoring function, efficient optimization, and multi-
threading. J Comput Chem. 2010;31(2):455–61.

 42. Delano WL. PyMOL: an open-source molecular graphics tool; 2002.
 43. Elebeedy D, Badawy I, Elmaaty AA, Saleh MM, Kandeil A, Ghanem A, et al. 

In vitro and computational insights revealing the potential inhibitory 
effect of Tanshinone IIA against influenza A virus. Comput Biol Med. 
2022;141:105149.

 44. Mja A, Tm D, Rsb C, Sp A, Jcsb C, Bh A, et al. GROMACS: high performance 
molecular simulations through multi-level parallelism from laptops to 
supercomputers - ScienceDirect. SoftwareX. 2015;1–2:19–25.

 45. Winter A. QtGrace, native Grace for Windows, Linux and Mac OS X based 
on Qt [updated 2017.02.05. Available from: https:// sourc eforge. net/ proje 
cts/ qtgra ce/.

 46. He X, Man VH, Yang W, Lee TS, Wang J. A fast and high-quality charge 
model for the next generation general AMBER force field. J Chem Phys. 
2020;153(11):114502.

 47. Lokhande KB, Pawar SV, Madkaiker S, Nawani N, Venkateswara SK, Ghosh 
P. High throughput virtual screening and molecular dynamics simulation 
analysis of phytomolecules against BfmR of Acinetobacter baumannii: anti-
virulent drug development campaign. J Biomol Struct Dyn. 2022;14:1–15.

 48. Lokhande KB, Ghosh P, Nagar S, Venkateswara SK. Novel B, C-ring trun-
cated deguelin derivatives reveals as potential inhibitors of cyclin D1 and 
cyclin E using molecular docking and molecular dynamic simulation. Mol 
Divers. 2021. https:// doi. org/ 10. 1007/ s11030- 021- 10334-z.

 49. Lokhande KB, Ballav S, Yadav RS, Swamy KV, Basu S. Probing intermo-
lecular interactions and binding stability of kaempferol, quercetin and 
resveratrol derivatives with PPAR-γ: docking, molecular dynamics and 
MM/GBSA approach to reveal potent PPAR-γ agonist against cancer. J 
Biomol Struct Dyn. 2022;40(3):971–81.

 50. Muralidharan N, Sakthivel R, Velmurugan D, Gromiha MM. Computational 
studies of drug repurposing and synergism of lopinavir, oseltamivir and 
ritonavir binding with SARS-CoV-2 protease against COVID-19. J Biomol 
Struct Dyn. 2021;39(7):2673–8.

 51. Wang X, Kleerekoper Q, Revtovich AV, Kang D, Kirienko NV. Identifica-
tion and validation of a novel anti-virulent that binds to pyoverdine and 
inhibits its function. Virulence. 2020;11(1):1293–309.

https://www.ncbi.nlm.nih.gov/books/NBK519578/
https://portal.gdc.cancer.gov/repository
https://doi.org/10.2210/pdb6lze/pdb
https://doi.org/10.2210/pdb6lze/pdb
https://doi.org/10.1021/jm401992e
https://doi.org/10.1021/jm401992e
https://doi.org/10.2210/pdb4pnz/pdb
https://doi.org/10.2210/pdb4pnz/pdb
https://sourceforge.net/projects/qtgrace/
https://sourceforge.net/projects/qtgrace/
https://doi.org/10.1007/s11030-021-10334-z


Page 18 of 18Zhang et al. BMC Cancer          (2022) 22:687 

•
 
fast, convenient online submission

 •
  

thorough peer review by experienced researchers in your field

• 
 
rapid publication on acceptance

• 
 
support for research data, including large and complex data types

•
  

gold Open Access which fosters wider collaboration and increased citations 

 
maximum visibility for your research: over 100M website views per year •

  At BMC, research is always in progress.

Learn more biomedcentral.com/submissions

Ready to submit your researchReady to submit your research  ?  Choose BMC and benefit from: ?  Choose BMC and benefit from: 

 52. Kanehisa M, Goto S. KEGG: Kyoto Encyclopedia of Genes and Genomes. 
Nucleic Acids Res. 2000;28(1):27–30.

 53. Kanehisa M. Toward understanding the origin and evolution of cellular 
organisms. Protein Sci. 2019;28(11):1947–51.

 54. Kanehisa M, Furumichi M, Sato Y, Ishiguro-Watanabe M, Tanabe M. 
KEGG: integrating viruses and cellular organisms. Nucleic Acids Res. 
2021;49(D1):D545–d51.

 55. Kocarnik JM, Compton K, Dean FE, Fu W, Gaw BL, Harvey JD, et al. Cancer 
incidence, mortality, years of life lost, years lived with disability, and 
disability-adjusted life years for 29 cancer groups from 2010 to 2019: a 
systematic analysis for the Global Burden of Disease Study 2019. JAMA 
Oncol. 2022;8(3):420-44.

 56. Siegel RL, Miller KD, Jemal A. Cancer statistics, 2019. CA Cancer J Clin. 
2019;69(1):7–34.

 57. Sun J, Zheng Q, Madhira V, Olex AL, Anzalone AJ, Vinson A, et al. Asso-
ciation between immune dysfunction and COVID-19 breakthrough 
infection after SARS-CoV-2 vaccination in the US. JAMA. Intern Med. 
2022;182(2):153-62.

 58. Kim JH, Cho EB, Lee J, Jung O, Ryu BJ, Kim SH, et al. Emetine inhibits 
migration and invasion of human non-small-cell lung cancer cells via 
regulation of ERK and p38 signaling pathways. Chem Biol Interact. 
2015;242:25–33.

 59. Mukhopadhyay R, Roy S, Venkatadri R, Su YP, Ye W, Barnaeva E, et al. 
Efficacy and mechanism of action of low dose emetine against human 
cytomegalovirus. PLoS Pathog. 2016;12(6):e1005717.

 60. Choy KT, Wong AY, Kaewpreedee P, Sia SF, Chen D, Hui KPY, et al. Rem-
desivir, lopinavir, emetine, and homoharringtonine inhibit SARS-CoV-2 
replication in vitro. Antiviral Res. 2020;178:104786.

 61. Zeng J, Liu G, Tang Y, Jiang H. 3D-QSAR studies on fluoropyrrolidine 
amides as dipeptidyl peptidase IV inhibitors by CoMFA and CoMSIA. J Mol 
Model. 2007;13(9):993–1000.

 62. Mulvihill EE, Drucker DJ. Pharmacology, physiology, and mecha-
nisms of action of dipeptidyl peptidase-4 inhibitors. Endocr Rev. 
2014;35(6):992–1019.

 63. Kang R, Kroemer G, Tang D. The tumor suppressor protein p53 and the 
ferroptosis network. Free Radic Biol Med. 2019;133:162–8.

 64. Barreira da Silva R, Laird ME, Yatim N, Fiette L, Ingersoll MA, Albert ML. 
Dipeptidylpeptidase 4 inhibition enhances lymphocyte trafficking, 
improving both naturally occurring tumor immunity and immunother-
apy. Nat Immunol. 2015;16(8):850–8.

 65. Lu G, Hu Y, Wang Q, Qi J, Gao F, Li Y, et al. Molecular basis of binding 
between novel human coronavirus MERS-CoV and its receptor CD26. 
Nature. 2013;500(7461):227–31.

 66. Li Y, Zhang Z, Yang L, Lian X, Xie Y, Li S, et al. The MERS-CoV receptor 
DPP4 as a candidate binding target of the SARS-CoV-2 Spike. iScience. 
2020;23(8):101400.

 67. Cao F, Xiao Z, Chen S, Zhao C, Chen D, Haisma HJ, et al. HDAC/MIF dual 
inhibitor inhibits NSCLC cell survival and proliferation by blocking the 
AKT pathway. Bioorg Chem. 2021;117:105396.

 68. Xiao Z, Song S, Chen D, van Merkerk R, van der Wouden PE, Cool RH, et al. 
Proteolysis targeting chimera (PROTAC) for macrophage migration inhibi-
tory factor (MIF) has anti-proliferative activity in lung cancer cells. Angew 
Chem Int Ed Engl. 2021;60(32):17514–21.

 69. Khaddaj-Mallat R, Aldib N, Bernard M, Paquette AS, Ferreira A, Lecordier 
S, et al. SARS-CoV-2 deregulates the vascular and immune functions of 
brain pericytes via Spike protein. Neurobiol Dis. 2021;161:105561.

 70. Dheir H, Yaylaci S, Sipahi S, Genc AC, Cekic D, Tuncer FB, et al. Does mac-
rophage migration inhibitory factor predict the prognosis of COVID-19 
disease? J Infect Dev Ctries. 2021;15(3):398–403.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.


	Exploring the potential mechanism of emetine against coronavirus disease 2019 combined with lung adenocarcinoma: bioinformatics and molecular simulation analyses
	Abstract 
	Background: 
	Methods: 
	Results: 
	Conclusions: 

	Background
	Methods
	Identification of LUADCOVID-19 DEGs
	Clinical prognostic analysis of LUADCOVID-19 DEGs
	Screening of anti-LUADCOVID-19 drugs
	Target network construction for emetine and LUADCOVID-19
	Functional enrichment analysis and network visualization
	Redocking
	Molecular docking
	MD simulation

	Results
	Identification of LUADCOVID-19 DEGs
	Clinical prognostic analysis of LUADCOVID-19 DEGs
	Screening of anti-LUADCOVID-19 drugs
	Target network construction for emetine and LUADCOVID-19
	Functional enrichment analysis of intersecting targets
	Redocking
	Molecular docking
	MD simulation
	RMSD analysis
	RMSF and radius of gyration analyses
	H-bond monitoring
	Protein-ligand interaction energy


	Discussion
	Conclusions
	Acknowledgements
	References


