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Abstract

Background: Chronic myeloid leukaemia is in principle a treatable malignancy but drug resistance is lowering
survival. Recent drug discoveries have opened up new options for drug combinations, which is a concept used in
other areas for preventing drug resistance. Two of these are (I) Axitinib, which inhibits the T315I mutation of BCR-ABL1,
a main source of drug resistance, and (II) Asciminib, which has been developed as an allosteric BCR-ABL1 inhibitor,
targeting an entirely different binding site, and as such does not compete for binding with other drugs. These drugs
offer new treatment options.

Methods: Wemeasured the proliferation of KCL-22 cells exposed to imatinib–dasatinib, imatinib–asciminib and
dasatinib–asciminib combinations and calculated combination index graphs for each case. Moreover, using the
median–effect equation we calculated how much axitinib can reduce the growth advantage of T315I mutant clones
in combination with available drugs. In addition, we calculated how much the total drug burden could be reduced by
combinations using asciminib and other drugs, and evaluated which mutations such combinations might be sensitive
to.

Results: Asciminib had synergistic interactions with imatinib or dasatinib in KCL-22 cells at high degrees of inhibition.
Interestingly, some antagonism between asciminib and the other drugs was present at lower degrees on inhibition.
Simulations revealed that asciminib may allow for dose reductions, and its complementary resistance profile could
reduce the risk of mutation based resistance. Axitinib, however, had only a minor effect on T315I growth advantage.

Conclusions: Given how asciminib combinations were synergistic in vitro, our modelling suggests that drug
combinations involving asciminib should allow for lower total drug doses, and may result in a reduced spectrum of
observed resistance mutations. On the other hand, a combination involving axitinib was not shown to be useful in
countering drug resistance.
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Background
Targeted therapies have revolutionised the treatment of
chronic myeloid leukaemia (CML) since their introduc-
tion. CML is driven by the fusion protein Bcr-Abl1, which
results from a chromosomal translocation that makes the
Abl1 tyrosine kinase constitutively active. Accordingly,
treatment involves highly specific ATP-competitive tyro-
sine kinase inhibitors (TKIs) that bind to the ATP-binding
pocket of Abl1, deactivating the enzyme. However, TKI
treatment is rarely curative and therefore has to be contin-
ued for many years, if not indefinitely [1]. In many cases,
patients eventually develop mutations in the Abl1 kinase
domain which limits the effectivity of TKIs and conse-
quently restores proliferative signalling leading to a return
of the disease [2].
The most problematic Abl1 resistance mutation is

T315I, the so-called gatekeeper mutation, which confers
resistance to all approved TKIs except one: ponatinib.
However, ponatinib is used sparingly due to side effects
and concerns about toxicity. It has been suggested that
T315I inhibits TKI binding primarily by sterically clashing
with most drugs because of its location at the entrance of
the ATP-binding pocket [3]. Other resistancemechanisms
include kinetic stabilisation of a protein conformation that
does not bind the drug [4], mutants that increase the cat-
alytic activity of the drug target [5], and activation of other
proteins than the drug target [6, 7].
All TKIs that are currently involved in CML ther-

apy, including ponatinib, are less effective against T315I
than against wildtype Bcr-Abl1 (the drug concentration
required to halve the growth of Bcr-Abl1 positive cells,
IC50, is higher for T315I mutants, see Table 1). This leads
to an expansion of the T315I-positive sub-population of
CML progenitor cells as it is favoured by evolution, even if
disease symptoms are effectively suppressed [8]. Recently,
it has been reported that axitinib, a vascular endothelial
growth factor receptor TKI used in advanced renal cell
carcinoma, is an effective inhibitor of Bcr-Abl1 T315I but
not of native Bcr-Abl1 or of most other mutants. Axi-
tinib cannot be used as a standalone treatment against
cells that carry the native Bcr-Abl1 gene, since achievable
plasma concentrations are too low for effective inhibition
of the native protein [9–11]. This raises the question: Is it
possible to combine axitinib with another TKI such that
the treatment is both effective and evolutionarily selects
against T315I? Such a combination could effectively pre-
vent T315I from occurring, removing the most trouble-
some resistance complication from the set of potential
treatment outcomes.
Treatment with multiple drugs without overlapping

resistance mechanisms is advantageous (at least in the-
ory), as a single cell would have to become resistant to
all drugs at once [12]. A recent development towards this
aim is the design of allosteric inhibitors that target the

myristoyl pocket of Bcr-Abl1. These have been in develop-
ment for a long time (GNF-2, GNF-5) [13]. More recently,
another drug candidate, asciminib (ABL001) [14], has
been developed and is used in ongoing trials. Another
potential advantage of combination therapy lies in an
effective dose reduction for a synergistic combination of
drugs. For a treatment to be effective, we need to slow
down the growth of cancer cells. Combining current ATP-
pocket binding TKIs is not very effective since they bind
to the same site and effectively compete with one another.
On the other hand, a combination of asciminib and an
ATP-pocket TKI is more likely to be efficient since they do
not compete in the samemanner. Indeed, combinations of
asciminib and nilotinib [15] as well as asciminib and pona-
tinib [16] have been shown to prolong survival in mouse
xenograft models. In particular, nilotinib and asciminib
alone resulted in mutation–based resistance, whereas the
combination created a durable response [15].
A potential risk with drug combinations is that they can

bemore vulnerable to resistance under certain conditions.
Generally, drug combinations reduce the risk of resistance
as it is unlikely that any cell will adapt to both drugs at
once [17]. However, this view has been challenged by a
study showing that bacteria adapt quicker to synergistic
drugs (i.e., a combination where the effect is greater than
the sum of it’s parts) [18]. Such an effect may be present
with allosteric inhibitors.
We have previously examined a drug rotation protocol,

where a patient is moved between drugs of different resis-
tant profiles before resistance is observed and showed that
such a protocol can delay the onset of resistance [19]. A
drug combination may prevent some of the issues asso-
ciated with a rotation protocol, for instance selecting for
compound mutations [20]. It is worth mentioning how-
ever, that there are algorithms for selecting combinations
that minimise cross resistance [17]. Given that Bcr-Abl1
activity is in most cases crucial to CML cells, mutation-
induced variations in the function of Bcr-Abl1 affect how
prevalent these mutations are in practice [5, 21].
Modelling and simulations are widely used in cancer

research [22–24]. When it comes to drug combinations,
one method is to examine the signalling network to
identify other candidate targets which might compensate
for and lower the effect of inhibiting a primary target
[6, 7, 25, 26]. In EGFR driven non small cell lung can-
cer, carefully timed sequential use of targeted therapies
with cytotoxic chemotherapy can yield better effects [27]
whereas in targeted therapy combinations there is a com-
plex interplay of drug interaction and pharmacokinet-
ics which must be accounted for [28]. In Philadelphia-
chromosome positive acute lymphoblastic leukaemia,
which has the same driver as CML, it may be possi-
ble to add radiation to targeted therapy for an improved
effect [29].
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Table 1 ˜IC50 (IC50 of mutant relative to wildtype, Eq. 4) values of Bcr-Abl1 mutants

Mutant a Imatinib Nilotinib Dasatinib Bosutinib Ponatinib Axitinib b Asciminib

P223S 0.70 0.82 0.83 0.72 0.86 24.62

G250H 0.85 1.06 0.98 0.72 0.94 1.21

Q252H 2.78 2.41 1.44 0.98 5.56 1.92 17.96

Y253H 15.95 34.89 1.84 0.91 5.28 1.31 2.81

E255K 12.51 13.99 7.53 4.07 11.82 3.86

E255V 10.98 27.60 3.76 2.65 11.28 1.25 1.92

K294E 0.48 0.68 0.48 0.55 0.67 29.99

V299L 1.83 1.81 10.33 13.65 1.22 0.32 10.07

T315I 27.70 266.76 806.32 17.07 5.59 0.16 12.56

A337V 0.91 1.04 0.98 0.98 0.95 744.64

E355G 2.56 1.37 0.71 0.63 0.77 15.34

F359V 4.00 7.58 1.45 1.04 4.70 0.69 18.98

E459K 2.22 2.62 0.82 0.68 2.01 4.94

P465S 1.02 0.94 0.82 0.79 0.98 605.96

V468F 0.72 0.68 0.48 0.74 0.42 529.32

I502L 0.62 0.76 0.70 0.67 0.78 49.72

˜IC50 > 1 indicates a mutation that is resistant to some degree. Note that drugs can sometimes effectively suppress weakly resistant mutations. Given values are the
geometric mean of the ˜IC50 from all sources that state a precise value (i.e. not an approximation, lower, or upper bound) for the given mutation [9–11, 15, 33–44]. The specific
sources associated with each value are given in Additional file 2
aMutant selection was based on limited data availability for asciminib. Mutations at underlined residues are only associated with asciminib resistance (preclinical data)
bData for axitinib is only known for a limited subset of mutations but it is considered to be ineffective to native Abl1 and all resistance mutants except T315I and possibly
V299L and F359V

The development of asciminib and discovery that axi-
tinib inhibits the T315I mutant of Bcr-Abl1 provide
opportunities for combination therapy that would be
effective both in reducing tumour burden and in postpon-
ing resistance. This would however require tailoring of the
drug-treatment schedule and examination of the efficacy
of the therapy. To this end, we developed a computational
protocol to study the effect of drug combinations subject
to different timing of the drugs and based on their affinity
to the drug target. Here, we examined: (I) Whether sup-
plementation of standard TKIs by axitinib can suppress
the development of T315I-based resistance; which was
performed by calculating the growth rates of T315I under
such combinations given known drug pharmacokinetics,
and (II) Given that asciminib does not compete with cur-
rent (ATP-pocket) drugs, how much can the total drug
burden be lowered for a drug combination? Optimal doses
and administration timings were predicted by numeri-
cally evaluating the inhibition over a range of drug doses.
Then, for given optimal doses and timings, we predicted
how sensitive the combination should be to resistance
mutations.

Methods
CML is commonly treated with a single TKI agent that tar-
gets Bcr-Abl1 (primarily imatinib, dasatinib and nilotinib,

that vary in their resistance and side-effect profile). Under
the influence of a single inhibitor at concentration C, the
fractional growth rate fv of a cell is

fv = 1

1 +
(

C
IC50

)m (1)

where IC50 is the concentration required for a 50% reduc-
tion in growth rate and m is the hill-coefficient which
describes the sigmoidicity of the relationship. m = 1 if
the enzymatic reaction follows Michaelis Menten kinet-
ics in the presence of the inhibitor. In practice this is not
always the case and a range of values may be considered.
Two cases need to be considered when two inhibitors are
combined, namely (I) that their effect is exclusive and only
one inhibitor can work at once, and (II) that their effect is
nonexclusive and they act entirely independently [30, 31].
Other variants of interaction have effects which fall some-
where in between these two. In the exclusive case, Eq. 1
becomes

fv = 1

1 +
(

C1
(IC50)1

+ C2
(IC50)2

)m (2)

and in the nonexclusive case:

fv = 1

1 +
(

C1
(IC50)1

+ C2
(IC50)2

+ C1C2
(IC50)1(IC50)2

)m . (3)
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IC50 values for mutations are known to vary somewhat
between studies, depending on the experimental condi-
tions [32]. Considering Bcr-Abl1 inhibitors, these values
are most often measured in murine Ba/F3-cells trans-
fected with a (mutated) form of Bcr-Abl1. To overcome
a potential bias due to experimental uncertainties, we
considered a number of studies where IC50 values were
reported [9–11, 15, 33–44] (see Table 1 for the data used
in this study specifically and Additional file 2 for the com-
plete dataset). In part, the discrepancies between studies
are variations in scale, where the relative sensitivity of
mutations is consistent. Therefore, we used values relative
to cells that carry the native sequence Bcr-Abl1 (Eq. 4),
and in much of the analysis.

˜IC50 = IC(mutant)
50

IC(wildtype)
50

(4)

Using ˜IC50 enables us to concentrate on drug resistance
rather then on the actual concentration of the drug that
inhibits cellular growth in a given experiment.

Effect normalisation and pharmacokinetics
The integral of fv (Eqs. 1–3) over some period of time from
t0 to t1

∫ t1

t0
fv(t)dt (5)

can be used as a measurement of how effective a treat-
ment is at inhibiting growth. If fv(t) is periodic, i.e. there
exists a certain period τ = t1 − t0 for which fv(t) =
fv(t + τ), it can be shown that if the integrals of fv over
time (Eq. 5) are equal for two different treatments, their
effects are also equal (Additional file 1). Note that at
steady state the TKI blood plasma concentration profile,
and by extension fv(t), is periodic with period τ – the
dosing interval. The steady state concentration profile is
given by [45]:

C(t) = SFDka
Vd(ka − ke)

×
[

exp(−ket)
1 − exp(−keτ)

− exp(−kat)
1 − exp(−kaτ)

]

.

(6)

The dose, fractional bioavailability, salt factor and volume
of distribution (D, F, S,Vd respectively) serve to determine
the magnitude of the plasma concentration, while the
absorption and elimination rates (ka, ke) and the dosing
interval τ determine the shape of the concentration curve
over time. The parameters were determined numerically
to reproduce half-times and peak plasma concentrations
from clinical studies given dosages and dosing intervals
(vide infra).
A combination of drugs can lead to a lower total amount

of drugs required while maintaining a treatment effect

comparable to either drug alone. For two drugs nor-
malised to the same effectiveness we can define a dose
reduction factor ζ of a combination of x parts drug A and
(1 − x) parts drug B as (for an exclusive interaction)

∫ τ

0

1

1 +
(

CA(t)
(IC50)A

)mdt =
∫ τ

0

1

1 +
(

CB(t)
(IC50)B

)mdt

=
∫ τ

0

1

1 +
(

xζeCA(t)
(IC50)A

+ (1−x)ζeCB(t)
(IC50)B

)mdt.
(7)

For a nonexclusive interaction:
∫ τ

0

1

1 +
(

CA(t)
(IC50)A

)m dt =
∫ τ

0

1

1 +
(

CB(t)
(IC50)B

)m dt

=
∫ τ

0

1

1 +
(

xζnCA(t)
(IC50)A

+ (1−x)ζnCB(t)
(IC50)B

+ x(1−x)ζ 2n CA(t)CB(t)
(IC50)AIC50)B

)m dt.

(8)

Note that if ζ = 0.5 and x = 0.5 (an equal amount of
each drug, effect–wise) then the actual amount required
of either drug is only 25% of what would be required of the
respective drugs in a monodrug therapy.
It follows that we can calculate an effective IC50 value

(ICeff
50) for a drug combination (defined by the dose ratio x)

in terms of a combined pseudo-concentration C by rear-
ranging Eqs. 2 and 3 when fv = 0.5 (exclusive interaction):

1
2

= 1
1 + Cx

(IC50)1
+ C(1−x)

(IC50)2

(9)

or (nonexclusive interaction)

1
2

= 1
1 + Cx

(IC50)1
+ C(1−x)

(IC50)2
+ C2x(1−x)

(IC50)1(IC50)2

. (10)

Solutions to these equations are provided in the supple-
mentary material, Eqs. S16 and S17.
The ICeff

50 falls somewhere between the IC50 values of
each of the two drugs, but there is a separate effect which
can produce an extra drug sensitivity for combinations.
If two drugs are used to approximately the same degree
and are approximately equally sensitive to a mutation,
their effect will be less than expected, due to a difference
in the shape of the dose-response curve as illustrated in
Fig. 1. A demonstration of this effect is available in the
supplementary material, Fig. S1.

Implementation
Pharmacokinetic parameters for axitinib, asciminib and
all approved TKIs were approximated from the literature
(Table 2) by fitting ka, ke and VdS−1F−1 to reproduce
the maximum plasma concentration, time until maximum
concentration, and concentration half time at the given
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Fig. 1 Dose-effect curves for a monodrug or exclusive combination and a nonexclusive combination (Eqs. 2 and 3). Given an effect target (fv = 0.2
in the figure) the nonexclusive combination achieves it with a lower total drug concentration (a). The increased IC50 of a mutation has the same
effect as reducing the drug concentration (Eqs. 2 and 3). At this lowered concentration, the monodrug or exclusive combination achieves a greater
degree of inhibition (i.e. lower fv , b)

doses from the listed sources. Axitinib supplementation
testing was modelled as follows:

– Using Eq. 6 and Table 2 the concentration of each
drug was calculated at 240 equidistant points during
one day.

– At each of the points in time above, the fractional
growth rate of native sequence Bcr-Abl1 and T315I
mutant cells was evaluated for imatinib, nilotinib,
dasatinib and bosutinib alone and for each of them in
combination with axitinib using Eqs. 1 and 2, respec-
tively. T315I ˜IC50 values used are listed in Table 1.

– The ratio of the native sequence and T315I mutant
growth rates was then evaluated for each point in time
(Eq. 11), vide infra (“Results” section).

Table 2 Pharmacokinetic parameters estimated from literature

ka ke D c τ c VdS−1F−1 a

Imatinib [49] 20 0.86 810 1 0.24

Nilotinib [50] 30 1.5 760 0.5 0.31

Dasatinib [51] 21 5.2 200 1 1.3

Bosutinib [52] 10 0.71 750 1 2.5

Ponatinib [53] 11 0.76 84 1 0.50

Axitinib [54] 23 4.1 13 b 1 0.15

Asciminib [55] 27 1.6 88 b 1 0.076

aCalculated as one variable during parametrization
bEstimates of a tolerable dose. No standard doses have been established as these
are not conventional treatments
cFrom standard treatment [56]

– This was repeated with 48 different timing offsets (i.e.
every 30 minutes) with regards to the dosing, and the
optimum was selected, either on a minimum χ or a
minimum average χ as a criterion.

The dose reduction and ˜ICeff
50 for asciminib combina-

tions were modelled as follows:

– The doses of asciminib, imatinib, nilotinib, dasatinib,
bosutinib and ponatinib were normalised individu-
ally such that the integral of the fv(t) curves (Eq. 1)
was equal to a given effect target (in this case 0.1)
using an L-BFGSminimization algorithm, by calculat-
ing the concentration and fv profiles as above (using
1000 points) and integrating numerically.

– The dose reduction factors ζ which reproduced the
same effect target were then calculated for each com-
bination using Eqs. 7 and 8 and the same L-BFGS
minimization algorithm at 21 equidistant drug dose
rations (x ∈[ 0, 1]) and 24 different dose offsets (every
1h).

– Using the dose ratio and offset that produced the
greatest dose reduction (i.e., the lowest ζ ) the ˜ICeff

50
value for each mutation was calculated using Eq. 10
and data from Table 1.

– Mutations which might have a greater effect due to
curve-shape effects (Fig. 1) were identified by evaluat-
ing whether the inhibition of the combination against
that mutant was smaller than either monodrug would
be against that mutation, calculated with Eqs. 3 or 1
respectively.
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Experimental procedures
Cell culture and drugs
KCL-22 cells were a donation from Prof. Leif Stenke and
were grown in RPMI 1640 medium (with GlutaMAX;
Gibco) with 10% FBS (Gibco) and 1% Pen Strep (Gibco).
Imatinib (SignalChem), dasatinib (SignalChem) and asci-
minib (MedChemTronica) were purchased and dissolved
in DMSO (SigmaAldrich).

Synergy assay
104 cells were seeded per well in a 96-well cell culture
plate with a twofold dilution series of imatinib, dasa-
tinib or asciminib in medium. Each drug was measured
in triplicate. After 48h, cell proliferation was measured
using an MTS-assay (CellTiter 96 Aqueous One Solu-
tion Cell Proliferation Assay, Promega) as described by
the manufacturer. The procedure was then repeated
with drug combinations imatinib + dasatinib, imatinib
+ asciminib and dasatinib + asciminib at concentra-
tion ratios of 6.31:0.0130, 6.31:0.0524 and 0.0130:0.0524
respectively.

Statistical methods
IC50 values and hill coefficients were estimated with a four
parameter logistic curve using the rethinking Stan inter-
face (Fig. S8) [46, 47]. Combination index (CI) plots were
calculated using the method described in [31].

Results
Throughout the results we have chosen to present data
assuming a Hill coefficient m = 2. Hill coefficients vary
a lot between mutations and drugs [48]; m = 2 was cho-
sen as a representative value for Ba/F3 cells, and it is
also consistent with our measurements in KCL-22 cells.
Unfortunately, there are no in vivomeasurements on CML
progenitor cells. Results obtained withm = 0.5 andm = 1
are presented in Additional file 1.

A combination involving axitinib and another
ATP-competitive inhibitor only marginally lowers the
selective advantage of t315I
Since axitinib inhibits T315I, and given that rotation
protocols with another T315I inhibitor (ponatinib) were
shown to be useful [19] we wanted to examine whether it
is possible to lower the selective advantage of the T315I
mutant by the use of axitinib in addition to other drugs.
T315I is evolutionarily favoured if, under a given treat-
ment protocol, it grows faster than cells that carry native
Bcr-Abl1 (wildtype). Thus, ratio of the growth rates, χ

(Eq. 11), gives an idea of whether or not T315I poses a
threat assuming that T315I and wildtype cells grow at the
same rate without inhibitors. If χ > 1, T315I cells grow
faster than wildtype cells, and the ultimate goal of axi-

tinib supplementation would be to have a χ consistently
below 1, where

χ = f (T315I)
v

f (wildtype)
v

. (11)

Given how the concentrations of axitinib and the other
drug vary during the day, we can find how quickly
native Bcr-Abl1 containing cells and T315I cells are
growing respectively using Eq. 2. We found that axi-
tinib is not enough to yield χ < 1 for any signifi-
cant measure of time using drug concentrations based
on the known level of drugs in the plasma (Fig. 2).
A decrease in the rate of growth of cells that carry
the T315I mutation can be achieved temporarily each
day using an axitinib–dasatinib combination, since dasa-
tinib is eliminated from the body rather quickly, but
T315I-cells still carry a large growth rate advantage for
most of the day. Giving axitinib about 2–3 h before the
other TKI achieves the lowest instantaneous χ (Fig. 2)
whereas giving axitinib in conjunction with, or slightly
after the other TKI lowers T315I’s average advantage the
most (Fig. S2).
As is expanded on further below, plasma concentrations

are not necessarily a good match with inhibition effect
in practice. Figs. S3 and S5 use effect-normalised doses.
However while the axitinib’s effect is greater under these
conditions, it is not enough to eliminate all advantage
from T315I.

Asciminib in combination with an ATP-pocket TKI allows
for significant dose reduction
Asciminib is believed to be well tolerated enough that
it can be given as a monodrug therapy (unlike axi-
tinib which is not efficacious at tolerable doses). Nev-
ertheless, as there is currently no evidence that asci-
minib is superior to current TKIs, there is good rea-
son to attempt combination treatments. In principle a
combination of several drugs without overlapping resis-
tance mechanisms is most often beneficial from an evo-
lution of resistance perspective, as the likelihood of
one cell acquiring two different adaptations at once is
lower than the odds of acquiring just one. Furthermore,
because asciminib has a different binding site it is likely
that its administration together with ATP-pocket TKIs
could allow for dose reductions (Eqs. 3 and 8), this
nonexclusive behaviour was consistent with our experi-
ments. However, the combination may be overcome by
resistance.
In practice, dose-activity relationships established

mainly in Ba/F3 cells do not seem to mesh all that
well with plasma concentration derived drug concentra-
tions and clinical experience with resistance mutations in
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Fig. 2 Simulations of the effects of axitinib supplementation in a standard TKI treatment. The standard TKI is taken at t = 0 for imatinib, dasatinib
and bosutinib, and at t = 0 and t = 12 for nilotinib. Axitinib administration is at t = 0 when taken with nilotinib and at the time (t = 22h) indicated
by the vertical dotted lines when taken with each of the other drugs. Administration time for axitinib has been optimised to achieve the minimum
instantaneous χ

patients. In particular, when considering its IC50 against
Abl1-transfected Ba/F3 cells, nilotinib seems more potent
than experience would suggest. To remedy this we first
normalise the doses of all drugs so that they are equally
effective (under the measure specified in Eq. 5). This is
justified by assuming that standard drug doses have been
calibrated to minimise side effects while inhibiting prolif-
eration enough to be an effective treatment. This normal-
isation is not intended as an actual change in doses, but
rather as a rough model of all the other factors that might
make up the difference between plasma concentration and

the actual inhibition effect such as differences in drug
transport into the cells and the degree of plasma protein
binding.
Reproduction in the cancer stem cells, which are the

only ones that can sustain resistance mutations over
a long period of time, was calculated to be at most
1/7 of its normal rate under treatment to produce
observed reductions of differentiated cells [57]. With
1/7 as an upper bound we set a rough estimate at a
1/10 (or 90%) reduction of the integral of fv for an
effective treatment. The drug concentrations needed to
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Fig. 3 Predicted dose reduction of ATP-pocket TKI + asciminib combinations that are as effective as standard therapy. Grey lines shows effects
assuming the combination has an exclusive interaction (Eq. 2) and black lines show a nonexclusive combination (Eq. 3). The latter is more likely for
the combinations shown. Depending on whether the drugs are given simultaneously or in a staggered manner the effect changes. Dashed lines
were calculated for a simultaneous administration whereas for the full lines the offset between taking one drug and the other was optimised to
improve the dose reduction potential. a: A dasatinib-asciminib combination has a good dose reduction potential but it is sensitive to variations in
administration timing and performs much better with a staggered administration schedule (b, c). d–g: Other combinations (imatinib, nilotinib,
bosutinib and ponatinib, each combined with asciminib) perform similarly to one another, and are not very sensitive to administration timing (data
not shown)

achieve this can be reached according to plasma con-
centrations [49–55] and Ba/F3-derived dose response
curves.
Under these assumptions, in every case (Fig. 3), an

even split between an ATP-pocket TKI and asciminib,
at 25% the standard dose of each, taken 12 h apart is
near optimal. In case that the hill coefficient m < 1
the dose reduction potential increases, and if m > 1 it
is decreased (Fig. 4). Similarly, the choice of effect tar-
get affects the dose reduction potential. Neither the ratio
nor the timing is particularly sensitive to variations (data
not shown), so inevitable inaccuracies in precisely repro-
ducing this in practice should only have minor effects

on the results. The one exception is in a combination
of dasatinib and asciminib (Fig. 3a) where, because of
the rapid elimination of dasatinib from the body, there is
a fairly significant difference between simultaneous and
interleaved administration of the drugs, where the latter is
preferable. For other combinations, simultaneous admin-
istration of the ATP-pocket TKI and asciminib seems to
achieve nearly the same effect as optimally timed admin-
istration according to our modelling.
Using the optimised dose ratios from Fig. 3 we

calculated the expected mutation sensitivity of the com-
binations assuming a nonexclusive interaction between
ATP-pocket TKIs and asciminib according to Eq. 10
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Fig. 4 The dose reduction factor of a nonexclusive combination was calculated for a hypothetical drug combination with constant drug
concentration profiles (C(t) for either drug). The best achievable dose reduction factor was calculated for five different drug combinations using a
reasonable effect target of 0.1 and is shown on the right–hand side of the figure

(Fig. 5). Most notably T315I remains an issue, although
dasatinib–asciminib has a greatly reduced value com-
pared to dasatinib alone. There are also some cases,
mainly: V299L for dasatinib–asciminib, and V299L and
T315I for bosutinib–asciminib, where a high ˜IC50 and a
dose-effect curve shape enhanced effect (Fig. 1 and S1)
coincide, which may render them potent causes of resis-
tance. Ponatinib–asciminib is not particularly vulnerable
to any of the mutations considered (Fig. 5), and the
dose reduction from the combination means ponatinib
side-effects might become rare enough to make it viable
as more than a last resort for T315I-positive patients;
reduced doses of ponatinib have been shown to lower side
effects [58]. Interestingly, our prediction is corroborated
by recent results (published when this article was being
revised) [16].

Asciminib has synergistic interactions with ATP-pocket TKI
in KCL-22 cells
We compared the effects of an imatinib–dasatinib com-
bination, both of them ATP-pocket inhibitors, with
imatinib–asciminib and dasatinib–asciminib combina-
tions (Fig. S8) to examine our assumption that the latter
behaves as a nonexclusive combination. The combination
of imatinib and dasatinib was always antagonistic,
whereas the asciminib combinations exhibit synergistic
effects at higher degrees of inhibition (Fig. 6b). This is con-
sistent with the behaviour of a nonexclusive combination,
as the additional interaction term grows in significance
with the degree of inhibition (Eq. 3 and Fig. 6a). All
combinations did however show a slight antagonistic bias

compared to simulated interactions (Fig. 6), and although
the reason for this is unknown the asciminib combina-
tions nevertheless overcame it and demonstrated synergy
at high degrees of inhibition. However, it implies that our
modellingmay overestimate the amount of dose reduction
that might be possible.

Using axitinib to supplement asciminib alone and in
combination
It is not currently known whether asciminib alone can
effectively treat T315I mutant CML, although its mod-
erate T315I IC50 suggests it could be possible. In the
eventuality that it cannot, it might be advantageous to add
low dose axitinib. Another possibility is to add axitinib to
one of the asciminib combinations discussed previously.
Whereas axitinib had but a meagre effect with an ATP-
pocket TKI (Fig. 2), it may benefit from the nonexclusive
interaction with asciminib, and the lower T315I IC50 of
it or its combinations making the evolutionary advantage
easier to reverse.
We repeated the calculations from the axitinib

combinations for an axitinib–asciminib and an axitinib–
asciminib–bosutinib combination with two main
modifications. asciminib was assumed to interact nonex-
clusively, which means growth rates were calculated
using Eq. 3, and using a triple drug variant (see [30]).
As detailed above, asciminib usage is not established, so
we used normalised doses as described. Since axitinib is
known to be ineffective against unmutated cells, it was
normalised to yield a 5% growth rate reduction, which is
close to what its plasma concentration would suggest.
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Fig. 5 ˜IC
eff
50 (i.e. IC

eff
50 relative to native Bcr-Abl ICeff50) for selected mutations towards an asciminib + ATP-pocket TKI combination. Boxes highlighted in

red are more sensitive towards mutations than the ˜IC
eff
50 would suggest (as described in Fig. 1) assuming a 90% inhibition target. Drug names are

abbreviated as: imatinib – IM, nilotinib – NI, dasatinib – DA, bosutinib – BO, ponatinib – PO, and asciminib – AS
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Fig. 6 Combination index plots showing drug interactions in KCL-22 cells. Fractional inhibition is the complement to fractional velocity (i.e. 1 - fv ),
thus higher fractional inhibition is equivalent to slower growth. CI >1 indicates antagonism, whereas CI < indicates synergy. The Shaded grey
regions show 89% compatibility intervals around the mean. a: Simulated perfectly exclusive and nonexclusive drug combination. b: KCL-22 cells not
previously subjected to treatment. The results reveal that the combination of asciminib and dasatinib is not entirely non-exclusive (compare to
panel a)

As can be seen in Fig. 7 axitinib has a greater effect
under these conditions (see also Figs. S6 and S7 for other
values of m). Compared to Figs. S3 and S5 which use
the same effect normalisation, the difference in T315I
advantage owing to the addition of axitinib is more notice-
able. It does not eliminate the advantage of T315I entirely
however.

Discussion
Wehave evaluated the potential benefits of adding axitinib
or asciminib to a standard drug treatment, under some
basic assumptions about their interaction with available
drugs. Supplementing any of the Abl1 inhibitors currently
in use in CML by axitinib was not shown to achieve the
ultimate goal of preventing T315I from emerging, but
could slightly lower the odds for this. Given that each of
these drugs is also associated with side effects or toxici-
ties, such a combination does not seem to be of clinical
relevance. Asciminib on the other hand appears to be
promising in a combination treatment, both because it
might reduce total drug burden, and because it seems
to complement the resistance profiles of available drugs
reasonably well given what we know now. It is not per-
fect however; in particular, it might be worth paying

attention to V299L for a dasatinib–asciminib combina-
tion, and V299L and T315I for a bosutinib–asciminib
combination, as those cases have both a degree of cross
resistant and a possibly further increased advantage based
on the dose-effect curve shape (Fig. 1 and S1). More-
over the T315I mutation apparently confers some resis-
tance and continues to be a threat even when treat-
ment includes a combination of a standard TKI and
asciminib. A potential benefit of a ponatinib–asciminib
combination is that asciminib is a substrate of the
ATP-binding-cassette transporter ABCG2 [59], whereas
ponatinib is an ABCG2 inhibitor [60] which might in
part counteract ABCG2 upregulation as a resistance
mechanism.
When modelling the effects of the drugs here, the

hill coefficient was considered to be constant. In real-
ity, however, it may vary with mutations in Ba/F3 cells
[48]. This type of variation is thought to be important in
acquisition of resistance in HIV [61]. Hill coefficients, or
dose-effect curve slopes are rarely reported, and hence
could not be included in regards to axitinib or asci-
minib, which were the main foci of the study. Including
different hill coefficients for different mutants is a pos-
sible extension of this study that can be performed once
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Fig. 7 The effects of added axitinib to supplement a bosutinib and asciminib combination. Drug doses are normalised such that
bosutinib–asciminib achieves 90% growth reduction together and axitinib achieves 5% growth reduction. Bosutinib–asciminib (left) and
axitinib–asciminib (right) are administered at t = 0. Axitinib (left) and bosutinib (right) administration is indicated by the dotted vertical lines. All
timings were freely optimised; simultaneous administration is optimal when indicated

such measurements are reported. However, it should be
noted that in this study, the conclusions were not affected
by choosing a different Hill coefficient as shown in
Fig. 4 and S2–S7.

Conclusions
This study suggests that a combination of conventional
TKIs with asciminib can be useful for delaying the onset
of resistance mutations that are detrimental to targeted
therapy in CML. Computer simulations have shown syn-
ergistic effects for asciminib and clinically available Abl1
inhibitors. Experiments in KCL-22 cells have supported
this, but suggested that the benefit would be lower than
expected owing to synergism. There seem to be some
intrinsic limitation on the use of the two drugs at the
same time. In the case of the pan Abl1-mutant inhibitor
ponatinib, such a combination can be useful to alleviate
some side effects by reducing the dose of ponatinib that
is needed to inhibit tumour growth. Our simulations did
not show beneficial effects for combinations of TKIs with
axitinib.

Supplementary information
Supplementary information accompanies this paper at
https://doi.org/10.1186/s12885-020-06782-9.

Additional file 1: Figure S1–S8 depicting simulation results under a wider
range of circumstances, dose response curves and derivations of
mathematical formulae.

Additional file 2: Comma separated values (csv) file of the complete
averaged ˜IC50 dataset.

Acknowledgements
We thank Prof. Leif Stenke, Karolinksa Institutet, for the donation of the KCL-22
cells and Dr. Elham Yektaei-Karin, Karolinska Institutet, for preparing and
sending the cells.

Authors’ contributions
The study was directed by RF. HJGL wrote software and performed research.
HJGL wrote the manuscript with assistance from RF. All authors read and
approved the final manuscript.

Funding
This work was supported by The Swedish Cancer Society (Cancerfonden) [CAN
2015/387 and CAN 2018/362 to RF]. The funding body had no role in the
design and execution of the study or in writing the manuscript. Open access
funding provided by Linnaeus University.

Availability of data andmaterials
The datasets supporting the conclusions of this article are included within the
article (and its additional files). Simulation code (and datasets) are available at
github.com/Sandalmoth/combination-kinetics-public.

Ethics approval and consent to participate
Not applicable.

Consent for publication
Not applicable.

Competing interests
The authors declare that they have no competing interests.

Received: 18 August 2019 Accepted: 23 March 2020

References
1. Chereda B, Melo JV. Natural course and biology of CML. Ann Hematol.

2015;94(S2):107–21. https://doi.org/10.1007/s00277-015-2325-z.
2. Milojkovic D, Apperley J. Mechanisms of resistance to imatinib and

second-generation tyrosine inhibitors in chronic myeloid leukemia. Clin
Cancer Res. 2009;15(24):7519–27. https://doi.org/10.1158/1078-0432.ccr-
09-1068. http://clincancerres.aacrjournals.org/content/15/24/7519.full.
pdf.

https://doi.org/10.1186/s12885-020-06782-9
https://github.com/Sandalmoth/combination-kinetics-public
https://doi.org/10.1007/s00277-015-2325-z
https://doi.org/10.1158/1078-0432.ccr-09-1068
https://doi.org/10.1158/1078-0432.ccr-09-1068
http://clincancerres.aacrjournals.org/content/15/24/7519.full.pdf
http://clincancerres.aacrjournals.org/content/15/24/7519.full.pdf


Lindström and Friedman BMC Cancer          (2020) 20:397 Page 13 of 14

3. Lim C, Miller GD, Bruno BJ. Resistant mutations in CML and Ph+ALL - role
of ponatinib. BTT. 2014;8:243. https://doi.org/10.2147/btt.s50734.

4. Friedman R. The molecular mechanism behind resistance of the kinase
FLT3 to the inhibitor quizartinib. Proteins. 2017;85(11):2143–52. https://
doi.org/10.1002/prot.25368.
https://onlinelibrary.wiley.com/doi/pdf/10.1002/prot.25368.

5. Georgoulia PS, Todde G, Bjelic S, Friedman R. The catalytic activity of
abl1 single and compound mutations: Implications for the mechanism of
drug resistance mutations in chronic myeloid leukaemia. Biochim
Biophys Acta (BBA) Gen Subj. 2019;1863(4):732–41. https://doi.org/10.
1016/j.bbagen.2019.01.011.

6. Buetti-Dinh A, Jensen R, Friedman R. A computational study of
hedgehog signalling involved in basal cell carcinoma reveals the
potential and limitation of combination therapy. BMC Cancer. 2018;18(1):
569. https://doi.org/10.1186/s12885-018-4451-1.

7. Buetti-Dinh A, Friedman R. Computer simulations of the signalling
network in FLT3 +-acute myeloid leukaemia – indications for an optimal
dosage of inhibitors against FLT3 and CDK6. BMC Bioinf. 2018;19(1):155.
https://doi.org/10.1186/s12859-018-2145-y.

8. Deininger MW, Hodgson JG, Shah NP, Cortes JE, Kim D-W, Nicolini FE,
Talpaz M, Baccarani M, Müller MC, Li J, Parker WT, Lustgarten S, Clackson
T, Haluska FG, Guilhot F, Kantarjian HM, Soverini S, Hochhaus A, Hughes
TP, Rivera VM, Branford S. Compound mutations in BCR-ABL1 are not
major drivers of primary or secondary resistance to ponatinib in CP-CML
patients. Blood. 2016;127(6):703–12. https://doi.org/10.1182/blood-2015-
08-660977. http://www.bloodjournal.org/content/127/6/703.full.pdf.

9. Zabriskie MS, Eide CA, Tantravahi SK, Vellore NA, Estrada J, Nicolini FE,
Khoury HJ, Larson RA, Konopleva M, Cortes JE, Kantarjian H, Jabbour EJ,
Kornblau SM, Lipton JH, Rea D, Stenke L, Barbany G, Lange T,
Hernández-Boluda J-C, Ossenkoppele GJ, Press RD, Chuah C, Goldberg
SL, Wetzler M, Mahon F-X, Etienne G, Baccarani M, Soverini S, Rosti G,
Rousselot P, Friedman R, Deininger M, Reynolds KR, Heaton WL, Eiring
AM, Pomicter AD, Khorashad JS, Kelley TW, Baron R, Druker BJ,
Deininger MW, O’Hare T. BCR-ABL1 compound mutations combining key
kinase domain positions confer clinical resistance to ponatinib in Ph
chromosome-positive leukemia. Cancer Cell. 2014;26(3):428–42. https://
doi.org/10.1016/j.ccr.2014.07.006.

10. Pemovska T, Johnson E, Kontro M, Repasky GA, Chen J, Wells P, Cronin
CN, McTigue M, Kallioniemi O, Porkka K, Murray BW, Wennerberg K.
Axitinib effectively inhibits BCR-ABL1(T315I) with a distinct binding
conformation. Nature. 2015;519(7541):102–5. https://doi.org/10.1038/
nature14119.

11. Byrgazov K, Lucini CB, Valent P, Hantschel O, Lion T. BCR-ABL1
compound mutants display differential and dose-dependent responses
to ponatinib. Haematologica. 2017;103(1):10–2. https://doi.org/10.3324/
haematol.2017.176347.

12. Komarova NL, Katouli AA, Wodarz D. Combination of two but not three
current targeted drugs can improve therapy of chronic myeloid leukemia.
PLoS ONE. 2009;4(2):4423. https://doi.org/10.1371/journal.pone.0004423.

13. Zhang J, Adrián FJ, Jahnke W, Cowan-Jacob SW, Li AG, Iacob RE, Sim T,
Powers J, Dierks C, Sun F, Guo G-R, Ding Q, Okram B, Choi Y,
Wojciechowski A, Deng X, Liu G, Fendrich G, Strauss A, Vajpai N,
Grzesiek S, Tuntland T, Liu Y, Bursulaya B, Azam M, Manley PW, Engen
JR, Daley GQ, Warmuth M, Gray NS. Targeting bcr–abl by combining
allosteric with ATP-binding-site inhibitors. Nature. 2010;463(7280):501–6.
https://doi.org/10.1038/nature08675.

14. Schoepfer J, Jahnke W, Berellini G, Buonamici S, Cotesta S,
Cowan-Jacob SW, Dodd S, Drueckes P, Fabbro D, Gabriel T, Groell J-M,
Grotzfeld RM, Hassan AQ, Henry C, Iyer V, Jones D, Lombardo F, Loo A,
Manley PW, Pellé X, Rummel G, Salem B, Warmuth M, Wylie AA, Zoller
T, Marzinzik AL, Furet P. Discovery of asciminib (ABL001), an allosteric
inhibitor of the tyrosine kinase activity of BCR-ABL1. J Med Chem.
2018;61(18):8120–35. https://doi.org/10.1021/acs.jmedchem.8b01040.
PMID: 30137981. https://doi.org/10.1021/acs.jmedchem.8b01040.

15. Wylie AA, Schoepfer J, Jahnke W, Cowan-Jacob SW, Loo A, Furet P,
Marzinzik AL, Pelle X, Donovan J, Zhu W, Buonamici S, Hassan AQ,
Lombardo F, Iyer V, Palmer M, Berellini G, Dodd S, Thohan S, Bitter H,
Branford S, Ross DM, Hughes TP, Petruzzelli L, Vanasse KG, Warmuth M,
Hofmann F, Keen NJ, Sellers WR. The allosteric inhibitor ABL001 enables
dual targeting of BCR–ABL1. Nature. 2017;543(7647):733–7. https://doi.
org/10.1038/nature21702.

16. Eide CA, Zabriskie MS, Stevens SLS, Antelope O, Vellore NA, Than H,
Schultz AR, Clair P, Bowler AD, Pomicter AD, Yan D, Senina AV, Qiang
W, Kelley TW, Szankasi P, Heinrich MC, Tyner JW, Rea D, Cayuela J-M,
Kim D-W, Tognon CE, O’Hare T, Druker BJ, Deininger MW. Combining
the allosteric inhibitor asciminib with ponatinib suppresses emergence of
and restores efficacy against highly resistant bcr-abl1 mutants. Cancer
Cell. 2019;36(4):431–4435. https://doi.org/10.1016/j.ccell.2019.08.004.

17. Katouli AA, Komarova NL. Optimizing combination therapies with
existing and future CML drugs. PLoS ONE. 2010;5(8):12300. https://doi.
org/10.1371/journal.pone.0012300.

18. Hegreness M, Shoresh N, Damian D, Hartl D, Kishony R. Accelerated
evolution of resistance in multidrug environments. Proc Natl Acad Sci.
2008;105(37):13977–81. https://doi.org/10.1073/pnas.0805965105.

19. Lindström HJG, de Wijn AS, Friedman R. Stochastic modelling of tyrosine
kinase inhibitor rotation therapy in chronic myeloid leukaemia. BMC
Cancer. 2019;19(1):508. https://doi.org/10.1186/s12885-019-5690-5.

20. Shah NP, Skaggs BJ, Branford S, Hughes TP, Nicoll JM, Paquette RL,
Sawyers CL. Sequential ABL kinase inhibitor therapy selects for compound
drug-resistant BCR-ABL mutations with altered oncogenic potency. J Clin
Invest. 2007;117(9):2562–9. https://doi.org/10.1172/jci30890.

21. Leder K, Foo J, Skaggs B, Gorre M, Sawyers CL, Michor F. Fitness
conferred by BCR-ABL kinase domain mutations determines the risk of
pre-existing resistance in chronic myeloid leukemia. PLoS ONE.
2011;6(11):27682. https://doi.org/10.1371/journal.pone.0027682.

22. Preziosi L. Cancer modelling and simulation. Boca Raton: CRC Press; 2003.
23. Friedman R, Boye K, Flatmark K. Molecular modelling and simulations in

cancer research. Biochim Biophys Acta (BBA) Rev Cancer. 2013;1836(1):
1–14. https://doi.org/10.1016/j.bbcan.2013.02.001.

24. Metzcar J, Wang Y, Heiland R, Macklin P. A review of cell-based
computational modeling in cancer biology. JCO Clin Cancer Inform.
2019;3:1–13. https://doi.org/10.1200/cci.18.00069. PMID: 30715927.
https://doi.org/10.1200/CCI.18.00069.

25. Buetti-Dinh A, Pivkin IV, Friedman R. S100A4 and its role in metastasis –
simulations of knockout and amplification of epithelial growth factor
receptor and matrix metalloproteinases. Mol BioSyst. 2015;11(8):2247–54.
https://doi.org/10.1039/c5mb00302d.

26. Buetti-Dinh A, O’Hare T, Friedman R. Sensitivity analysis of the NPM-ALK
signalling network reveals important pathways for anaplastic large cell
lymphoma combination therapy. PLoS ONE. 2016;11(9):0163011. https://
doi.org/10.1371/journal.pone.0163011.

27. Mumenthaler SM, Foo J, Leder K, Choi NC, Agus DB, Pao W, Mallick P,
Michor F. Evolutionary modeling of combination treatment strategies to
overcome resistance to tyrosine kinase inhibitors in non-small cell lung
cancer. Mol Pharm. 2011;8(6):2069–79. https://doi.org/10.1021/
mp200270v. PMID: 21995722. https://doi.org/10.1021/mp200270v.

28. Chakrabarti S, Michor F. Pharmacokinetics and drug interactions
determine optimum combination strategies in computational models of
cancer evolution. Cancer Res. 2017;77(14):3908–21. https://doi.org/10.
1158/0008-5472.can-16-2871. http://cancerres.aacrjournals.org/content/
early/2017/06/30/0008-5472.CAN-16-2871.full.pdf.

29. Kaveh K, Takahashi Y, Farrar MA, Storme G, Guido M, Piepenburg J,
Penning J, Foo J, Leder KZ, Hui SK. Combination therapeutics of nilotinib
and radiation in acute lymphoblastic leukemia as an effective method
against drug-resistance. PLoS Comput Biol. 2017;13(7):1005482. https://
doi.org/10.1371/journal.pcbi.1005482.

30. Chou T-C, Talalay P. Generalized equations for the analysis of inhibitions
of michaelis-menten and higher-order kinetic systems with two or more
mutually exclusive and nonexclusive inhibitors. Eur J Biochem.
2005;115(1):207–16. https://doi.org/10.1111/j.1432-1033.1981.tb06218.x.
https://febs.onlinelibrary.wiley.com/doi/pdf/10.1111/j.1432-1033.1981.
tb06218.x.

31. Chou T-C, Talalay P. Quantitative analysis of dose-effect relationships: The
combined effects of multiple drugs or enzyme inhibitors. Adv Enzyme
Regul. 1984;22:27–55. https://doi.org/10.1016/0065-2571(84)90007-4.

32. Soverini S, Rosti G, Iacobucci I, Baccarani M, Martinelli G. Choosing the
best second-line tyrosine kinase inhibitor in imatinib-resistant chronic
myeloid leukemia patients harboring bcr-abl kinase domain mutations:
How reliable is the IC 50 ?. Oncologist. 2011;16(6):868–76. https://doi.org/
10.1634/theoncologist.2010-0388. http://theoncologist.alphamedpress.
org/content/16/6/868.full.pdf+html.

https://doi.org/10.2147/btt.s50734
https://doi.org/10.1002/prot.25368
https://doi.org/10.1002/prot.25368
http://arxiv.org/abs/https://onlinelibrary.wiley.com/doi/pdf/10.1002/prot.25368
https://doi.org/10.1016/j.bbagen.2019.01.011
https://doi.org/10.1016/j.bbagen.2019.01.011
https://doi.org/10.1186/s12885-018-4451-1
https://doi.org/10.1186/s12859-018-2145-y
https://doi.org/10.1182/blood-2015-08-660977
https://doi.org/10.1182/blood-2015-08-660977
http://arxiv.org/abs/http://www.bloodjournal.org/content/127/6/703.full.pdf
https://doi.org/10.1016/j.ccr.2014.07.006
https://doi.org/10.1016/j.ccr.2014.07.006
https://doi.org/10.1038/nature14119
https://doi.org/10.1038/nature14119
https://doi.org/10.3324/haematol.2017.176347
https://doi.org/10.3324/haematol.2017.176347
https://doi.org/10.1371/journal.pone.0004423
https://doi.org/10.1038/nature08675
https://doi.org/10.1021/acs.jmedchem.8b01040
http://arxiv.org/abs/https://doi.org/10.1021/acs.jmedchem.8b01040
https://doi.org/10.1038/nature21702
https://doi.org/10.1038/nature21702
https://doi.org/10.1016/j.ccell.2019.08.004
https://doi.org/10.1371/journal.pone.0012300
https://doi.org/10.1371/journal.pone.0012300
https://doi.org/10.1073/pnas.0805965105
https://doi.org/10.1186/s12885-019-5690-5
https://doi.org/10.1172/jci30890
https://doi.org/10.1371/journal.pone.0027682
https://doi.org/10.1016/j.bbcan.2013.02.001
https://doi.org/10.1200/cci.18.00069
http://arxiv.org/abs/https://doi.org/10.1200/CCI.18.00069
https://doi.org/10.1039/c5mb00302d
https://doi.org/10.1371/journal.pone.0163011
https://doi.org/10.1371/journal.pone.0163011
https://doi.org/10.1021/mp200270v
https://doi.org/10.1021/mp200270v
http://arxiv.org/abs/https://doi.org/10.1021/mp200270v
https://doi.org/10.1158/0008-5472.can-16-2871
https://doi.org/10.1158/0008-5472.can-16-2871
http://cancerres.aacrjournals.org/content/early/2017/06/30/0008-5472.CAN-16-2871.full.pdf
http://cancerres.aacrjournals.org/content/early/2017/06/30/0008-5472.CAN-16-2871.full.pdf
https://doi.org/10.1371/journal.pcbi.1005482
https://doi.org/10.1371/journal.pcbi.1005482
https://doi.org/10.1111/j.1432-1033.1981.tb06218.x
https://febs.onlinelibrary.wiley.com/doi/pdf/10.1111/j.1432-1033.1981.tb06218.x
https://febs.onlinelibrary.wiley.com/doi/pdf/10.1111/j.1432-1033.1981.tb06218.x
https://doi.org/10.1016/0065-2571(84)90007-4
https://doi.org/10.1634/theoncologist.2010-0388
https://doi.org/10.1634/theoncologist.2010-0388
http://theoncologist.alphamedpress.org/content/16/6/868.full.pdf+html
http://theoncologist.alphamedpress.org/content/16/6/868.full.pdf+html


Lindström and Friedman BMC Cancer          (2020) 20:397 Page 14 of 14

33. Zabriskie MS, Eide CA, Yan D, Vellore NA, Pomicter AD, Savage SL,
Druker BJ, Deininger MW, O’Hare T. Extreme mutational selectivity of
axitinib limits its potential use as a targeted therapeutic for
BCR-ABL1-positive leukemia. Leukemia. 2015;30(6):1418–21. https://doi.
org/10.1038/leu.2015.318.

34. Redaelli S, Mologni L, Rostagno R, Piazza R, Magistroni V, Ceccon M,
Viltadi M, Flynn D, Gambacorti-Passerini C. Three novel patient-derived
BCR/ABL mutants show different sensitivity to second and third
generation tyrosine kinase inhibitors. Am J Hematol. 2012;87(11):125–8.
https://doi.org/10.1002/ajh.23338.
https://onlinelibrary.wiley.com/doi/pdf/10.1002/ajh.23338.

35. Deguchi Y, Kimura S, Ashihara E, Niwa T, Hodohara K, Fujiyama Y,
Maekawa T. Comparison of imatinib, dasatinib, nilotinib and INNO-406 in
imatinib-resistant cell lines. Leuk Res. 2008;32(6):980–3. https://doi.org/10.
1016/j.leukres.2007.11.008.

36. O’Hare T, Walters DK, Stoffregen EP, Jia T, Manley PW, Mestan J,
Cowan-Jacob SW, Lee FY, Heinrich MC, Deininger MWN, Druker BJ. In
vitroActivity of bcr-abl inhibitors AMN107 and BMS-354825 against
clinically relevant imatinib-resistant abl kinase domain mutants. Cancer
Res. 2005;65(11):4500–5. https://doi.org/10.1158/0008-5472.can-05-0259.
http://cancerres.aacrjournals.org/content/65/11/4500.full.pdf.

37. O’Hare T, Shakespeare WC, Zhu X, Eide CA, Rivera VM, Wang F, Adrian
LT, Zhou T, Huang W-S, Xu Q, Metcalf CA, Tyner JW, Loriaux MM,
Corbin AS, Wardwell S, Ning Y, Keats JA, Wang Y, Sundaramoorthi R,
Thomas M, Zhou D, Snodgrass J, Commodore L, Sawyer TK, Dalgarno
DC, Deininger MWN, Druker BJ, Clackson T. AP24534, a pan-BCR-ABL
inhibitor for chronic myeloid leukemia, potently inhibits the T315I mutant
and overcomes mutation-based resistance. Cancer Cell. 2009;16(5):
401–12. https://doi.org/10.1016/j.ccr.2009.09.028.

38. Shah NP, Nicoll JM, Nagar B, Gorre ME, Paquette RL, Kuriyan J, Sawyers
CL. Multiple BCR-ABL kinase domain mutations confer polyclonal
resistance to the tyrosine kinase inhibitor imatinib (STI571) in chronic
phase and blast crisis chronic myeloid leukemia. Cancer Cell. 2002;2(2):
117–25. https://doi.org/10.1016/s1535-6108(02)00096-x.

39. Azam M, Latek RR, Daley GQ. Mechanisms of autoinhibition and
STI-571/imatinib resistance revealed by mutagenesis of BCR-ABL. Cell.
2003;112(6):831–43. https://doi.org/10.1016/s0092-8674(03)00190-9.

40. Weisberg E, Manley PW, Breitenstein W, Brüggen J, Cowan-Jacob SW,
Ray A, Huntly B, Fabbro D, Fendrich G, Hall-Meyers E, Kung AL, Mestan
J, Daley GQ, Callahan L, Catley L, Cavazza C, Mohammed A, Neuberg D,
Wright RD, Gilliland DG, Griffin JD. Characterization of AMN107, a
selective inhibitor of native and mutant bcr-abl. Cancer Cell. 2005;7(2):
129–41. https://doi.org/10.1016/j.ccr.2005.01.007.

41. Burgess MR, Skaggs BJ, Shah NP, Lee FY, Sawyers CL. Comparative
analysis of two clinically active BCR-ABL kinase inhibitors reveals the role
of conformation-specific binding in resistance. Proc Natl Acad Sci.
2005;102(9):3395–400. https://doi.org/10.1073/pnas.0409770102.
https://www.pnas.org/content/102/9/3395.full.pdf.

42. Manley PW, Cowan-Jacob SW, Mestan J. Advances in the structural
biology, design and clinical development of bcr-abl kinase inhibitors for
the treatment of chronic myeloid leukaemia. Biochim Biophys Acta (BBA)
Proteins Proteomics. 2005;1754(1-2):3–13. https://doi.org/10.1016/j.
bbapap.2005.07.040. Inhibitors of Protein Kinases (4th International
Conference, Inhibitors of Protein Kinases) and Associated Workshop:
Modelling of Specific Molecular Recognition Processes (Warsaw, Poland,
June 25-29, 2005).

43. Ray A, Cowan-Jacob SW, Manley PW, Mestan J, Griffin JD. Identification
of BCR-ABL point mutations conferring resistance to the abl kinase
inhibitor AMN107 (nilotinib) by a randommutagenesis study. Blood.
2007;109(11):5011–5. https://doi.org/10.1182/blood-2006-01-015347.
http://www.bloodjournal.org/content/109/11/5011.full.pdf.

44. Byrgazov K, Lucini CB, Berkowitsch B, Koenig M, Haas OA, Hoermann G,
Valent P, Lion T. Transposon-mediated generation of bcr-abl1-expressing
transgenic cell lines for unbiased sensitivity testing of tyrosine kinase
inhibitors. Oncotarget. 2016;7(47):78083–94. https://doi.org/10.18632/
oncotarget.12943.

45. Dhillon S, Gill K. Basic pharmacokinetics. London: Clinical Phrmokinetics,
Pharmaceutical Press; 2006.

46. McElreath R. Statistical Rethinking: Chapman and Hall/CRC; 2018. https://
doi.org/10.1201/9781315372495.

47. Carpenter B, Gelman A, Hoffman MD, Lee D, Goodrich B, Betancourt M,
Brubaker M, Guo J, Li P, Riddell A. Stan: A probabilistic programming
language. J Stat Soft. 2017;76(1):1–32. https://doi.org/10.18637/jss.v076.
i01.

48. Vainstein V, Eide CA, O’Hare T, Shukron O, Druker BJ. Integrating in vitro
sensitivity and dose-response slope is predictive of clinical response to
ABL kinase inhibitors in chronic myeloid leukemia. Blood. 2013;122(19):
3331–4. https://doi.org/10.1182/blood-2012-08-452409.

49. Peng B, Lloyd P, Schran H. Clinical pharmacokinetics of imatinib. Clin
Pharmacokinet. 2005;44(9):879–94. https://doi.org/10.2165/00003088-
200544090-00001.

50. Zhou L, Meng F, Yin O, Wang J, Wang Y, Wei Y, Hu P, Shen Z. Nilotinib
for imatinib-resistant or -intolerant chronic myeloid leukemia in chronic
phase, accelerated phase, or blast crisis: A single- and multiple-dose,
open-label pharmacokinetic study in Chinese patients. Clin Ther.
2009;31(7):1568–75. https://doi.org/10.1016/j.clinthera.2009.07.016.

51. Demetri GD, Lo Russo P, MacPherson IRJ, Wang D, Morgan JA, Brunton
VG, Paliwal P, Agrawal S, Voi M, Evans TRJ. Phase i dose-escalation and
pharmacokinetic study of dasatinib in patients with advanced solid
tumors. Clin Cancer Res. 2009;15(19):6232–40. https://doi.org/10.1158/
1078-0432.ccr-09-0224.

52. Abbas R, Hsyu P-H. Clinical pharmacokinetics and pharmacodynamics of
bosutinib. Clin Pharmacokinet. 2016;55(10):1191–204. https://doi.org/10.
1007/s40262-016-0391-6.

53. Cortes JE, Kantarjian H, Shah NP, Bixby D, Mauro MJ, Flinn I, O’Hare T,
Hu S, Narasimhan NI, Rivera VM, Clackson T, Turner CD, Haluska FG,
Druker BJ, Deininger MWN, Talpaz M. Ponatinib in refractory Philadelphia
chromosome–positive leukemias. N Engl J Med. 2012;367(22):2075–88.
https://doi.org/10.1056/nejmoa1205127. PMID: 23190221.
https://doi.org/10.1056/NEJMoa1205127.

54. Smith BJ, Pithavala Y, Bu H-Z, Kang P, Hee B, Deese AJ, Pool WF,
Klamerus KJ, Wu EY, Dalvie DK. Pharmacokinetics, metabolism, and
excretion of [14C]Axitinib, a vascular endothelial growth factor receptor
tyrosine kinase inhibitor, in humans. Drug Metab Dispos. 2014;42(5):
918–31. https://doi.org/10.1124/dmd.113.056531.
http://dmd.aspetjournals.org/content/42/5/918.full.pdf.

55. Menssen HD, Quinlan M, Kemp C, Tian X. Relative bioavailability and
food effect evaluation for 2 tablet formulations of asciminib in a 2-arm,
crossover, randomized, open-label study in healthy volunteers. Clin
Pharmacol Drug Dev. 2018;8(3):385–94. https://doi.org/10.1002/cpdd.
602. https://accp1.onlinelibrary.wiley.com/doi/pdf/10.1002/cpdd.602.

56. Pharmaceutical Specialists in Sweden (FASS). http://fass.se. Accessed 20
Jan 2019.

57. Michor F, Hughes TP, Iwasa Y, Branford S, Shah NP, Sawyers CL, Nowak
MA. Dynamics of chronic myeloid leukaemia. Nature. 2005;435(7046):
1267–70. https://doi.org/10.1038/nature03669.

58. Molica M, Scalzulli E, Colafigli G, Foà R, Breccia M. Insights into the
optimal use of ponatinib in patients with chronic phase chronic myeloid
leukaemia. Ther Adv Hematol. 2019;10:204062071982644. https://doi.org/
10.1177/2040620719826444. https://doi.org/10.1177/2040620719826444.

59. Qiang W, Antelope O, Zabriskie MS, Pomicter AD, Vellore NA, Szankasi
P, Rea D, Cayuela JM, Kelley TW, Deininger MW, O’Hare T. Mechanisms
of resistance to the BCR-ABL1 allosteric inhibitor asciminib. Leukemia.
2017;31(12):2844–7. https://doi.org/10.1038/leu.2017.264.

60. Sen R, Natarajan K, Bhullar J, Shukla S, Fang H-B, Cai L, Chen Z-S,
Ambudkar SV, Baer MR. The novel BCR-ABL and FLT3 inhibitor ponatinib
is a potent inhibitor of the MDR-associated ATP-binding cassette
transporter ABCG2. Mol Cancer Ther. 2012;11(9):2033–44. https://doi.org/
10.1158/1535-7163.mct-12-0302.
http://mct.aacrjournals.org/content/11/9/2033.full.pdf.

61. Sampah MES, Shen L, Jilek BL, Siliciano RF. Dose-response curve slope is
a missing dimension in the analysis of HIV-1 drug resistance. Proc Natl
Acad Sci. 2011;108(18):7613–8. https://doi.org/10.1073/pnas.1018360108.
https://www.pnas.org/content/108/18/7613.full.pdf.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in
published maps and institutional affiliations.

https://doi.org/10.1038/leu.2015.318
https://doi.org/10.1038/leu.2015.318
https://doi.org/10.1002/ajh.23338
http://arxiv.org/abs/https://onlinelibrary.wiley.com/doi/pdf/10.1002/ajh.23338
https://doi.org/10.1016/j.leukres.2007.11.008
https://doi.org/10.1016/j.leukres.2007.11.008
https://doi.org/10.1158/0008-5472.can-05-0259
http://arxiv.org/abs/http://cancerres.aacrjournals.org/content/65/11/4500.full.pdf
https://doi.org/10.1016/j.ccr.2009.09.028
https://doi.org/10.1016/s1535-6108(02)00096-x
https://doi.org/10.1016/s0092-8674(03)00190-9
https://doi.org/10.1016/j.ccr.2005.01.007
https://doi.org/10.1073/pnas.0409770102
http://arxiv.org/abs/https://www.pnas.org/content/102/9/3395.full.pdf
https://doi.org/10.1016/j.bbapap.2005.07.040
https://doi.org/10.1016/j.bbapap.2005.07.040
https://doi.org/10.1182/blood-2006-01-015347
http://arxiv.org/abs/http://www.bloodjournal.org/content/109/11/5011.full.pdf
https://doi.org/10.18632/oncotarget.12943
https://doi.org/10.18632/oncotarget.12943
https://doi.org/10.1201/9781315372495
https://doi.org/10.1201/9781315372495
https://doi.org/10.18637/jss.v076.i01
https://doi.org/10.18637/jss.v076.i01
https://doi.org/10.1182/blood-2012-08-452409
https://doi.org/10.2165/00003088-200544090-00001
https://doi.org/10.2165/00003088-200544090-00001
https://doi.org/10.1016/j.clinthera.2009.07.016
https://doi.org/10.1158/1078-0432.ccr-09-0224
https://doi.org/10.1158/1078-0432.ccr-09-0224
https://doi.org/10.1007/s40262-016-0391-6
https://doi.org/10.1007/s40262-016-0391-6
https://doi.org/10.1056/nejmoa1205127
http://arxiv.org/abs/https://doi.org/10.1056/NEJMoa1205127
https://doi.org/10.1124/dmd.113.056531
http://arxiv.org/abs/http://dmd.aspetjournals.org/content/42/5/918.full.pdf
https://doi.org/10.1002/cpdd.602
https://doi.org/10.1002/cpdd.602
http://arxiv.org/abs/https://accp1.onlinelibrary.wiley.com/doi/pdf/10.1002/cpdd.602
http://fass.se
https://doi.org/10.1038/nature03669
https://doi.org/10.1177/2040620719826444
https://doi.org/10.1177/2040620719826444
http://arxiv.org/abs/https://doi.org/10.1177/2040620719826444
https://doi.org/10.1038/leu.2017.264
https://doi.org/10.1158/1535-7163.mct-12-0302
https://doi.org/10.1158/1535-7163.mct-12-0302
http://arxiv.org/abs/http://mct.aacrjournals.org/content/11/9/2033.full.pdf
https://doi.org/10.1073/pnas.1018360108
http://arxiv.org/abs/https://www.pnas.org/content/108/18/7613.full.pdf

	Abstract
	Background
	Methods
	Results
	Conclusions
	Keywords

	Background
	Methods
	Effect normalisation and pharmacokinetics
	Implementation
	Experimental procedures
	Cell culture and drugs
	Synergy assay

	Statistical methods

	Results
	A combination involving axitinib and another ATP-competitive inhibitor only marginally lowers the selective advantage of t315I
	Asciminib in combination with an ATP-pocket TKI allows for significant dose reduction
	Asciminib has synergistic interactions with ATP-pocket TKI in KCL-22 cells
	Using axitinib to supplement asciminib alone and in combination

	Discussion
	Conclusions
	Supplementary informationSupplementary information accompanies this paper at https://doi.org/10.1186/s12885-020-06782-9.
	Additional file 1
	Additional file 2

	Acknowledgements
	Authors' contributions
	Funding
	Availability of data and materials
	Ethics approval and consent to participate
	Consent for publication
	Competing interests
	References
	Publisher's Note

